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(00:00:00) Lenny Rachitsky

English:

Not only are you working at the cutting edge of Al and LLMs, you're actually building the cutting edge.
R EE:

RABEALERE (A) MKRESEE (LLM) BSEDELIME, (RSEFREEEFRFTEX N &RANE.

(00:00:06) Karina Nguyen
English:

When | first came to Anthropic and | was like, "Oh my God, | really love front-end engineering." And then
the reason why | switched to research is because | realized, "Oh my God, Claude is getting better at front-
end. Claude is getting better at coding. | think Claude can develop new apps."

FRCERIR:

HIXNION Anthropic B, FTEE: “KWf, RENESENFHIRE” ERFZOARDVINVERZE, HEIR
2. “XWB, Claude BVAIIHEESIHKMIRT . Claude MYRIZREIHIKBIR T . FKILTF Claude BEER AT AH
N ARERF 70"

(00:00:20) Lenny Rachitsky

English:

What skills do you think will be most valuable going forward for product teams, in particular?
R EIE:

RIANRTERRK, FAIRNFmBEAFRR, MERERERENERN?

(00:00:26) Karina Nguyen
English:

Creative thinking and you kind of want to generate a bunch of ideas and filter through them and not just
build the best product experience. | think it's actually really, really hard to teach the model how to be



aesthetic or really good visual design or how to be extremely creative in the way they write.
FRZERIE:

BIEM R, (REBEFERENEIEZHMRIME, MANEWERENTmEL. FiAN, BEHRSIRBNM
BEHEN. NAERELERNARERT, HENAESEARNLRACE, KFLRIFEIFEEEN.

(00:00:42) Lenny Rachitsky

English:

What do you think people most misunderstand about how models are created?
FRCEE:

AR NN FEEZMAECESN, &ARNREETA?

(00:00:46) Karina Nguyen
English:

When you taught the model, some of the self-knowledge of you actually don't have a physical body to

operate in the physical world, the model would get extremely confused.
R EiE:
SREAEE—L BTN, L0 “URSEFF BB EYBEHE RPRERSSAS A" B, RESTEREER,

(00:00:58) Lenny Rachitsky
English:

Today my guest is Karina Nguyen. Karina is an Al researcher at OpenAl where she helped build Canvas,
tasks, the o1 chain-of-thought model and more. Prior to OpenAl, she was at Anthropic where she led work
on post-training and evaluation for the Claude 3 models, built a document upload feature with 100K
context windows and so much more. She was also an engineer at New York Times, was a designer at
Dropbox and at Square. It's very rare to get a glimpse into how someone working on the bleeding edge of
Al and LLMs operates and how they think about where things are heading.

AR ERIE:

S XBEER Karina Nguyen, Karina & OpenAl I—& Al &R, MBS 5MWET Canvas. £S5 IHEE
(tasks). ol BEHE (chain-of-thought) &A%, 7EMNA OpenAl ZHi, #i7E Anthropic T{E, 133 Claude
3WEWMFINL (post-training) MIHETI(E, WETAB 10 A L TFXEAOMNNE LEHESESE, tEERE
(HL9RHR) B9TF2VM, LUKz Dropbox #1 Square BYi&itI, BEBE—E7E Al KBS BB RIS TEHARI
FHE(ERY, MUKRMAITUAIERRRNER, SIFERESFHNS,

(00:01:31) Lenny Rachitsky
English:

In our conversation, we talk about how teams that OpenAl operate and build products, what skills she
thinks you should be building as Al gets smarter, how models are created, why synthetic data will allow
models to keep getting smarter and why she moved from engineering to research after realizing how



good LLMs are going to be at coding. If you enjoy this podcast, don't forget to subscribe and follow it in
your favorite podcasting app or YouTube. It's the best way to avoid missing feature episodes and it helps
the podcast tremendously. With that, | bring you Karina Nguyen.

AR ERIE:

EFABYIIER, FITILT OpenAl RIS EMIES G, MIAAKEE Al ZIFHRBESRE, (RS
FPLERe e, REZIMECIERN, NHASHEIE (syntheticdata) BEILERFFEHNK, URATAMERIR
ARESRENEIZEIFERNLEXRE, MNIEEATHR. MRMERXTMEE, ST EMIEEN
FE YouTube EiTHEMXE, XBBREIRKTENRF AN, BXNRBEERATER. TE, LHNNE
Karina Nguyen,

(00:02:02) Lenny Rachitsky
English:

This episode is brought to you by Enterpret. Enterpret unifies all your customer interactions from Gong
calls to Zendesk tickets to Twitter threads to app store reviews, and makes it available for analysis. It's
trusted by leading product orgs like Canva, Notion, Loom, Linear, monday.com, and Strava, to bring the
voice of the customer into the product development process, helping you build best-in-class products
faster. What makes Enterpret special is its ability to build and update customer-specific Al models that
provide the most granular and accurate insights into your business, connect customer insights to revenue
and operational data in your CRM or data warehouse to map the business impact of each customer need
and prioritize confidently, and empower your entire team to easily take action on use cases like win-loss
analysis, critical bug detection and identifying drivers of churn with Enterpret's Al system, Wisdom.

FROCERIR:

KETEH Enterpret 2B, Enterpret i— TIRFTEMNEF E&—— M Gong i@iE 2l Zendesk T, M
Twitter WG FEIN AEIEITFIE, HEERTBF 2. ©FR% Canva. Notion. Loom. Linear. monday.com #I
Strava FHERALRNEE, BEFHNESHEANTRALIRE, BEIIRERMITE— R, Enterpret AU4F
AZRETEEBUENERTIMIEZ A AR, BREXTRUISHEAR. RERER, BEFEAR
5 CRM ¥R G EFRHNRANZESIBERER, UMNEMNEFHERNISEmMHBEMRAEMR TR, HE
it Enterpret 89 Al &4t Wisdom, TREEIRIVENEHIPARMEM RS 2. XEREUALRIRARMERSE
Falo

(00:02:53) Lenny Rachitsky
English:

Looking to automate your feedback loops and prioritize your roadmap with confidence, like Notion,
Canva and Linear? Visit E-N-T-E-R-P-R-E-T.com/Lenny to connect with the team and to get two free
months when you sign up for an annual plan. This is a limited time offer. That's Enterpret.com/Lenny.
This episode is brought to you by Vanta. And | am very excited to have Christina Cacioppo, CEO and co-
founder Vanta, joining me for this very short conversation.

FROCERIR:

BEMHR Notion. Canva M Linear —# B WMWK GEBEAHBEEHANBKEEID? iF A
Enterpret.com/Lenny BXRHPA, HEFMEEITINRERNTANRE LA, X2 RNAE, Wit
Enterpret.com/Lenny, A& T B H Vanta #Bh. HIFESHHIBE Vanta WEFERITERKSEIBA
Christina Cacioppo MINXE& & 2RI i,



(00:03:22) Christina Cacioppo

English:

Great to be here. Big fan of the podcast and the newsletter.
R EE:

BEXRIXE, REXMEZMMEREA (newsletter) BIBLHRL,

i)

(00:03:25) Lenny Rachitsky
English:

Vanta is a longtime sponsor of the show, but for some of our newer listeners, what does Vanta do and
who is it for?

FRSCERIE:
Vanta @4 T EMKEAEENRE, BxXF—LEHFREN, Vanta 24K, EE2RIERSEH?

(00:03:32) Christina Cacioppo
English:

Sure. So we started Vanta in 2018. Focused on founders, helping them start to build out their security
programs and get credit for all of that hard security work with compliance certifications like SOC 2 or ISO
27001 today, we currently help over 9,000 companies, including some startup household names like
Atlassian, Ramp and LangChain start and scale their security programs and ultimately build trust by
automating compliance, centralizing GRC, and accelerating security reviews.

AR ERIE:

4789, FAITE 2018 FRIILT Vantao, FMIZETFEIBA, BEEIENFREIR 2R, FH@d SOC2 5 ISO
27001 FEMIANE, itt(1FENLL2ITFRGIAR. Bal, KFEBED 9,000 RAF], €81 Atlassian.
Ramp # LangChain FXZEIRE, BEhH BHZ2IHY, REABIBEMUEM. EHHLGRC (AE. X
E5EM) MMmEReEHEERRILEE.

(00:04:04) Lenny Rachitsky
English:

That is awesome. | know from experience that these things take a lot of time and a lot of resources and
nobody wants to spend time doing this.

AR ERIE:
KHET, BMNRWHHME, XEEEEEXEASNNEMNEE, MEEABIDREEEXLEEEL,

(00:04:10) Christina Cacioppo
English:

That is very much our experience, but before the company and to some extent during it. But the idea is
with automation, with Al, with software, we are helping customers build trust with prospects and



customers in an efficient way. And our joke, we started this compliance company so you don't have to.
FRZERIE:

XIERHNNGES, EATRILZAIUREREMIZE ERIIHAEEZ MLt ERMNVESEF BB, AIF
0, BPEPUSKNAASEEERANIEEREIUET. RNEARKE: RNEDXREMQE, 7
BN T LRI F BB ERURD.

(00:04:26) Lenny Rachitsky
English:

We appreciate you for doing that. And you have a special discount for listeners, they can get $1,000 off
Vanta at Vanta.com/Lenny, that's V-A-N-T-A.com/Lenny for $1,000 off Vanta. Thanks for that, Christina.

AR ERIE:

RAGHRIIFA M —). FRIIEAITARIRE T FF30330, 7E Vanta.com/Lenny BJ LUK 1,000 ETHILE, Mt
2 V-A-N-T-A.com/Lenny, #i§ifR, Christina,

(00:04:41) Christina Cacioppo
English:

Thank you.

FASZERIR:

.

(00:04:45) Lenny Rachitsky

English:

Karina, thank you so much for being here. Welcome to the podcast.
R EE:

Karina, JFEREHIREENR. DR EIFER,

(00:04:48) Karina Nguyen

English:

Thank you so much, Lenny, for inviting me.
R EIE:

JEE RS Lenny #IEFK

(00:04:50) Lenny Rachitsky
English:

I'm very excited to have you here because not only are you working at the cutting edge of Al and LLMs,
you're actually building the cutting edge of Al and LLMs. You recently launched this feature, which



basically... the first agent feature of OpenAl. | also just did this survey, | don't know if you know about this.
| did a survey of my readers and asked them what tools do you use every day in your work and most use?
And ChatGPT was number one, above Gmail, above Slack, above anything else. 90% of people said they
use ChatGPT regularly.

FRCERIR:

BAEEHohae BB IR, EAMRYNEE A MKESRENRIETIE, (REMREEERFEFITEE. fREL
T XNINEE, BEERLER -OpenAl WE—MEHEEE (agent) IhEE. BRIEEMT —NMAZE, FHEMTES
iR, HAETHRWRE, USSR IEFXAEREANTIARTA? ChatGPT HiZE—, @I T
Gmail. Slack fIEMEM TR, 90% HWAXRTMIIEHEER ChatGPT,

(00:05:23) Karina Nguyen
English:

That's quite good.

R EE:

AR,

(00:05:23) Lenny Rachitsky
English:

It's absurd. It wasn't around two years ago.
R EE:

XEEARE RN, MEMEEEERFT,

(00:05:25) Karina Nguyen
English:

Yeah.

A ERE:

=i

(00:05:26) Lenny Rachitsky
English:

Also, we're recording this the week that OpenAl announced Stargate, which is this half trillion dollar
investment in Al infrastructure. So there's just a lot happening constantly in Al and you have a really
unique glimpse into how things are working, where things are going, how work gets done. So | have a lot
of questions for you. | want to talk about how you operate and how you work at OpenAl, where you think
things are going, what skills are going to matter more and less in the future, and also just where things
are going broadly. So how does that sound?

FRCERIR:



te5h, HMRHXETERRE, [EYFRE OpenAl 7 Stargate (£F5)) HRINB—RE, XBE—THALT
2=ty Al BRISHERE. Al TIRAEAREZLRE, MITNERWMEIEE. KRREBDULRIFNEFREEIE
BIRSHIMNA. FIURBRSPEARIR. BAWHIRE OpenAl BIAZIEM IIFRY, (RIANARKHEEZ
4, MERKBERRSEBEERARPAER, URKABLNAE. (REFEARE?

(00:05:55) Karina Nguyen
English:

Sounds great. Thank you so much. Yeah, | was extremely lucky to join early days Anthropic and learned a
lot of things there. And | joined OpenAl around eight months ago. So, yeah, I'm excited to dive more in
into-

FRCERIR:

ITEEREE, B, B, HIEE=ZEEFHNMA Anthropic HZEI TRZRA. AL/ MARIFINA
7 OpenAls FLL, FARMEBERNZIT

(00:06:11) Lenny Rachitsky
English:

Okay, I'm going to definitely ask you about the differences between those, but | want to start more
technical and just dive right in. | want to talk about model training. People always hear about models
being trained, these big models, how much data takes, how long it takes, how much money toss it takes,
how we're running out of data, which | want to talk about. Let me just ask you this question. What do you
think people most misunderstand about how models are created?

FRCERIR:

T, REERRMMXMRABTNKG, ERIANEAEZEFG, BERVIANES. FEPIREL)IZ. A1
IriRRE TSR, RERERFES VMR, BESKEE, BEZVASE, UL ERIREHIER SRR
— XWEHEIAT, SRR N RN FREZ MR, SRRIRBETA?

(00:06:36) Karina Nguyen
English:

Model training is more an art than a science. And in a lot of ways we, as model trainers, think a lot about
data quality. It's one of the most important things in model training is like how do you ensure the highest
quality data for certain interaction model behavior that you want to create? But the way you debug
models is actually very similar the way you debug software. So one of the things that I've learned early
days at Anthropic was we've discovered especially this Claude 3 training, when you taught the model
some of the soft-knowledge of, "Hey, you actually don't have a physical body to operate in the physical
world." But then at the same time you had data that taught the model some of the function calls, which is
like, "This is how you set the alarm."

FRCERIR:

RENIGEZZ—TIZR, MRFE. ERZLE, (FARRIGE, HNFEXTHERE. BRIIGHR
EENERZ—HME: NUBRRERSHENHE, UEHMARENFERERETH? BREHERENSGHSE
Fr ESEEHARHIEERM. FTE Anthropic RERFEIN—4ER, 155)=27E Claude 3 BUIZRF, FHITAIMHR



HEARB—LLTUAIR, thal IR, REFR LB MESAERKHRRIRE , E51EN, (RXEHIERS
RE—LREIEA (function calls), bbiN “XRIMIKEBRHNGE o

(00:07:30) Karina Nguyen
English:

And so the model would get extremely confused about whether it can set an alarm, but it doesn't have a
body in the physical world. So it's like the model gets confused and sometimes it'll over accuse. So
sometimes it says, "Look, | don't know. Sorry, | cannot help you." And so there is always a balance trade
off between how do you make the model to be more helpful for users, but also not being harmful in other
scenarios. And so it's always about how do you make the model more robust and operate across a variety
of diverse scenarios.

FRCERIR:

FRRENSE/IVERR: EIREFEIRERHN? EEEYEHRADNLESEK, BRSIRKERE, B
BEER “QEEL” . eERIW: IE, FHANE. 8\, EEFRTR" L, EfARENARES
Y, ARXATEEMGRPTELEZE, SEEE NG, XBAXFNALEEERASH M
(robust) , HEZHAENIRPEEET.

(00:08:09) Lenny Rachitsky
English:

That is so funny. | never thought about that. Most of the data that it's trained on is kind of assuming it's
like a human describing the world and how they operate. It assumes there's a body and you could do
things, and the model is told you don't have a body.

FROCERIR:

EABBT . HMABIX—R. EII4FABIASDHIERRIREGAR—FER MR REEEAN. HUE
RIRE—TBEAILUME, EREIMRENMEEF&,

(00:08:20) Karina Nguyen
English:

Yeah.

FRCERIR:

=0

(00:08:21) Lenny Rachitsky
English:

Okay. | want to talk a little bit about data while we're on this topic. | know you have strong opinions here.
There's this meme that models are going to stop getting smarter because they're running out of data.
They're trained in a large part on the internet and there's only one internet and they've already been

trained on it, what more can you show them about the world? And there's this trend of synthetic data,



this term synthetic data. What is synthetic data? Why do you think it's important? Do you think it's going
to work?

AR ERIE:

¥, ERAIIEIX-MEHR, BRRKHE. HNEREXSEERBEBNNE. REE—MiRE (meme), IANE
BAFLERFERA, RAMIERATT. elfEREE LEEEERM L%, MEENIE—1, Ef1E
ZHI T, RERRAENBTRTAXTHFRAMAER? TREMT “G##E" (synthetic data) X
B HTAREHEIE? AT AMANERER? (RANESENZ?

(00:08:47) Karina Nguyen
English:

| think there are two questions here. We can unpack one at a time. But people say we are hitting the data
wall. | think people think more in the terms of pre-trained large models that are trained on the entire
internet to predict the next token. But what actually the model is learning during that process is actually
how do you compress the compression algorithm here? The model learns to compress a lot of knowledge
and it learns how to model the world. So the next prediction of the word, like, "Teach me how to drive,"
basically. And you only have a few words that will match that, a car. So the model actually learns about
the world in itself. So it's like it's modeling human behavior, sometimes it's modeling... And when you
talk to pre-trained models which are very, very large, they're actually extremely diverse and extremely
creative because you can talk to almost any Reddit user through a pre-trained model.

FRCERIR:

FIANNZEERNEE, FATTUE—FE. AMIRKNERE “SEE o FIANANESZZMTIZGKRER
BNAEREEN, XERBEBRDEEMN LU T—MRIE (token), BEEEXNIREPLEFFS]
HRMAES —XERER—IMEERZ REFRTEHAENR, AFS TN HREE, LN
T, “HEMESEE" , BXRERIBEMEERE, bl RE" o FRMRE LR EFINZ R A
o EEERMAETH, BREERED - SIR5IFEANTINFREZRE, efIEFERESECERAR
=, EEd R, RIVFAIUSEMA Reddit BF 32K,

(00:09:56) Karina Nguyen
English:

But | think what's happening right now with new paradigm of o1 series is that the scaling in post-training
itself is not hitting the wall. And that's because basically we went from raw data sets from pre-trained
models to infinite amount of tasks that you can teach the model in the post-training world via
reinforcement learning. So any task, for example, how to search the web, how to use the computer, how
to write, wow, all sorts of tasks that you trying to teach the model all the different skills. And that's why
we're saying there's no data wall or whatever, because there will be infinite amount of tasks and that's
how the model becomes extremely super intelligent. And we are actually getting saturated in all
benchmarks.

FROCERIR:

BFiAA, BEE ol RIIXMFEXNMEI, FillZk (post-training) MEIN BHEEBEIMI, XEEAEK
&7 EMFNFRE R RIGHIES, %A TERIIGMBRETRFS) (reinforcement learning) #a1RE
MERES. Hlan, EEES: MERERMI. NFAERABER. NASEE, H, SMIFENES, MilEHS
REFFEARRNERE, XMBNTARKNUWEAEFMBN “WEE" , AAESELRE, XMBREZF/RA
BEENAN. Bk, HNEMREEENR (benchmarks) FREFBREEIRM T,



(00:10:52) Karina Nguyen
English:

So | think the bottleneck is actually in evaluations that we don't have all the frontier, like evals like, | don't
know, GPQA, which is a Google-proof question answering, PhD level intelligence. The benchmark is
getting to, | don't know, more than 60, 70%, which is what PhD gets. So it's literally hitting the wall in like

evals.

FRCERIR:

FRIAFINAHRINSE PR EEFIHE (evaluations) o FMTRABEBBHIRIHITEFE, LI GPQA (BHIEAFEIER
BEEMIR) , ERAKRELRFINEE. BENRNIHEZART 60%. 70% MU L, XIEZELEEXEIRIK
o PR, HIE B NRTHEFH.

(00:11:19) Lenny Rachitsky
English:

| want to follow both those threads. So the first is on this idea of synthetic data. Is a simple way to
understand it, that the models are generating the data that future models are trained on and you ask it to
generate all these ways of doing stuff, all these tasks as you described, and then the newer models
trained on this data that the previous model generated?

FRCERIR:

HAIRE XA BRI, BhRfXTEREENTE —MERENERIRNETE: BEEMSE, ARX
KAREE T XEHIRHITIIE? MLEERSMHENTTE. SMRBRNES, ARMREMEIEREE
PR LR R _E 1 TIIER?

(00:11:39) Karina Nguyen
English:

Some tasks are synthetically curated. So this is an active research area is how can you synthetically
construct new tasks with models to learn. Sometimes when you develop products, you get a lot of data
from the product and user feedback and you can use that data too in this cross-training world.
Sometimes you still want to use human data because actually some of the tasks can be really, really hard
to teach. Experts only know certain knowledge about some chemicals or biological knowledge, so you
actually need to tap into the experts' knowledge a lot. So yeah, | think to me synthetic data training is
more for product... It's a rapid model iteration for similar product outcomes. And we can dive more into it,
but the way we made Canvas and tasks and new product features for ChatGPT was mostly done by
synthetic training.

FROCERIR:

BEAESEALAARNN, XR—MERNARIE: NAFMBRESRNERESHETRS, GREHF
R mbt, ReEMFmfBR RIGPIREGAEHIE, METUERXINGHERAXLEHRE. BRMNATER
FAAREE, BNEEESHIFEERUEE. RAEETRA THRELAFHEDAIR, FRUREREEERE
SIREROMIR FrLL, WERE, SRBIBNEEZEA T M BN T RIEM~ mE R IRERE
ERe BATAILURNIRIY, BIEATH ChatGPT HIE Canvas. ESThReMEMI~RINENAR, TEMER
I & RIIZRTE R



(00:12:52) Lenny Rachitsky
English:

Let's actually get into that. That's really interesting. | want to talk about evals, but let's follow that thread.
So talk about how this helped you create Canvas.

FROCERIR:

EHATRNIENX D, XIEEEEZR. HEIINEE (evals), BEIMEXNBEE: WRXIMAIEBIREIET
Canvas,

(00:12:56) Karina Nguyen
English:

So when | first came to OpenAl, | really had this idea of, "Okay, it would be really cool for ChatGPT to
actually change the visual interface but also change the way it is with people." So going from being a
chatbot to more of a collaborative agent, and the collaborator is a step towards more genetic systems
that become innovators ultimately. And the entire team of applied engineers, designers, products,
research got formed in the air almost out of nothing. It's just like a collection of people who just got
together and we rapidly started iterating with each other.

AR ERIE:

HIXNIKE OpenAl BY, EMBEXF—ME: “WIR ChatGPT BEcATMERE, FEITEATES ABLH
AR, BRAET.” EMEM—TIIRNBARTEA—NEEMEMBNERE (collaborative agent) , X
MiERERRAKRALIFHENEERRAN—F, T=&, ANAIREM. &ith. ~REEMARARHN
MNENELFETHRTER. ME—HERESHNAREHRE, RITFHEREMERER,

(00:13:46) Karina Nguyen
English:

Actually Canvas is one of the... | would say the first project at OpenAl, where researchers and applying
engineers started working together from the very beginning of the product development cycle. And |
think there's a lot of things that we have learned on the way, but | definitely came with the mindset of,
"We need to do a really rapid model situation such that it would be much easier for engineers to work
with the latest model possible, but also learn from user feedback or early internal dog food. How do we
improve the model very rapidly?"

FROCERIR:

%FrL, Canvas 2 OpenAl #y----- SREE—TIE, ARARMNATRZIMM= @A ESRRNRFIEm—
BRI FRBRNMNEIEFFITREARA, ERHAMBELFEIF—MOE: “BINFEHITIFERENE
BA, XETRRMMEESZHERRRNRE, EBEMEFRRIGHEANAEILA (dogfooding) &
F3o BAMNARERSGHRE? ”

(00:14:28) Karina Nguyen
English:

And it's really hard to kind of like figure out how people... when you deploy a product, how people would
be able to use it. And so the way you synthetically train the model is physically figuring out what are the



most core behaviors that you wanted the product feature to do. And for Canvas, for example, it came
down to three main behaviors. It was how do you trigger Canvas for prompts like, "Write me a long
essay," when the user intention is mostly iterating over long documents? Or, "Write me a piece of code,"
or when to not trigger Canvas for prompts like, "Can you tell me more about President..." | don't know,
some of the general questions. So you don't want to trigger Canvas because the user intention is mostly
getting answer, not necessarily iterate over the long document.

FROCERIR:

HIRRH— N, BEMEANSWMEERE. L, SEIIGEENGEREMNYE LIRERMMARE
mIIEESE M AZITARMH 40 MU Canvas Affl, BEREA=NEET N, £—, NEAHN “GRE—RKX
8" XFRRRIEMA Canvas? RALRNAFRNEEEERIEARKXE, HE “GHRE—RAE" . Ukft4
B 7BR &% Canvas, b3l “MREESIFHREZXRTFEYE " ZEHN—MRIERE. EXMERT, FAFEMA
Canvas, AINAFPHNEEETERREESR, MABERKIME,

(00:15:28) Karina Nguyen
English:

The second behavior is how do we teach the model to update the document when the user asks? So one
of the behaviors that we taught the model is actually have some agency and autonomy to literally go to
the document and select specific sections and either delete it or edit, so highlight it and rewrite certain
sections. Sometimes the user would just say, "Change the second paragraph to be something friendlier,"
and we would have to teach the model to literally find the second paragraph in the document and change
it to a friendly tone. So basically you teach both how to trigger edit itself, but also how do you teach the
model to get higher quality edit for the document?

AR ERIE:

BMTAR: SRR EXRE, HMTNAHBSREERXE? BMIBARENTHZ-RILEASE—ENBE
M, BEREBRHEANNY, EERNESD, AEHFEHEE —EMESRHESTREERN D, ANARRIR:
MECRIFERF—R" , BMNMOTNBIREERRESGEPRE R, FREENARFIIES. i
B, fREFERCNAIMARIBEERS, BEHREIAAXERHEESRENRE.

(00:16:21) Karina Nguyen
English:

In case of coding, for example, there's also the question of how good the model is of completely rewriting
the document, versus having a very specific target edits. So that's another layer of decision boundary
within edit itself is, "Let's select the entire document and rewrite completely, or do you want to have a
very targeted custom behavior." And when we first launched the model, we would bias the model
towards more rewrites because we saw the quality of the rewrites were much higher. But over time you
are shifting based on user feedback and what you're learning from iterative deployment.

FROCERIR:

LRz Af, TE—1TREE: REAESTEEE XENHTIEFE RANH M MERIEZ BIRNNMA? XEHIET
ARBRNE—BRRAR:. “BEAFBIXEHTLES, ERH#TEBHENTERKITHN? 7 HEINRTER
WIRER, BRI ULEREAETESHES, RAKNRAESHRERSTS. BEENERERE, SR
ERF RIFMMEREBR RN RAEHRTTIHE.



(00:17:02) Karina Nguyen
English:

Lastly, the third behavior that we taught synthetically the model is how to make comments on any
document. So the way we used that is we would use 01 model to seem a way of user conversation, let's
say like, "Write me a document about XYZ." But then we used o1 to produce the document and then we
injected user prompt to be like, "Oh, make some comments, critique my piece of writing or critique this
piece of writing that you just made." And then we taught the model to make comments on the document
on very specific [inaudible 00:17:45] So it's also what kind of comments you want the model to make. Do
they make sense or not? How do you teach the quality of that? And it all came down to measuring
progress via very robust evals. But, yeah, this is how you used o1 and a synthetic data generation for the

training.
FRaCERE:

&fa, BIEIEMANALERNE = MTARWAMNEASHEHEITITE, RITNEER: £/ ol REURM
FAAXE, il “GRE—MXT XYZ BN o ARENIE ol £MXEY, BFEENAFRTRIE, thal “B,
LR, T —THHNEE, HERIT-—THRHATHXERIE" . ARBIMNBASEEEXENFEMELR R
g, XESNERFERELRMTAEITIE, ENEEEEX? MUIAREITIEHNHRE? X—IRAEHI
ZETIFEEHNITL (evals) KEEHE, =, XMEIRINAFA ol MEMEIEEMFHITIIZRS.

(00:18:07) Lenny Rachitsky
English:

Okay, that's so interesting. So you talk about this idea of teaching the model and you mentioned how it's
using synthetic data to teach the model different behaviors is a simple way to think about it. Basically
that's where you do that by showing it what success looks like using basically evals. Is that the simple way
to think about it? Like, "Here's what you doing this successfully would look like," and that teaches it,
"Okay, | see this is what | should be doing [inaudible 00:18:31]"

FRCERIR:

T, XXARRT. MRETHSEENRE, HREAEAGHHERBSRERENTH, XB—ER
MRS . B, REEIITE (evals) MERT "IN B AREFH. FILIXFFESIEHIG? thi0:
‘EIBIRENTTRESHIFEF , ARXBETE: “HH, RBEBT, XMEHRMNIZHB.”

(00:18:30) Karina Nguyen

English:

Yeah, great. Yeah, amazing. Yeah, you got it.
FRERIE:

B, =i, XHET, MERESRENL

(00:18:33) Lenny Rachitsky
English:

Okay, got it. | want to start unpacking what your day-to-day looks like as you're building these sort of
things. Is it like you sitting there talking to some version of ChatGPT, crafting these evals?



AR ERIE:

YRy, BAART . RBABRKFR—THHEXLERANNABEEZEFN. SRELERE, MENREH
ChatGPT 3%, ARRKEXLITHE (evals) M5?

(00:19:19) Karina Nguyen
English:

Sometimes | do that. Sometimes | do sit with ChatGPT. Actually, | think I learned this so much from
Anthropic, is people spend so much time prompting models and where quality's a really bad batch all the
time, and you actually get a lot of new ideas of how do you make the model better? It's like, "This
response is kind of weird. Why's it doing this?" And you start debugging or something, or you start
figuring out new methods of how do you teach the model to respond in the different way, have better
personality, let's say.

FRCERIR:

BRI, BIEHERM ChatGPT #7E—it, SSfnt, FIEFIHIM Anthropic ZEITRZ, BmEA
MNERENESEEEERTIE (prompting), HiBE—HFEERENEER, RERFLEEFERSXTNEN
HRBFHRE, il “XPEZFBREFIF. EATAEXAM? 7 ARMRAFGRER, HEFIBIHHNS
%, BRBELUARNANEN, tbiiteEEME

(00:19:19) Karina Nguyen
English:

So it's the same thing of how personality is made in the models with those. It's very similar methods. But,
yes, | think my time at OpenAl have changed. | think when | first came, | was mostly research IC work so |
was like building a lot of... | was running code, training models, write evals, working with PMs and
designers to learn, teach them how to even think about evaluation. | think that was really cool experience
and | think it was just like an adoption of, "How do we do this product management of Al feature for our Al
models?" Yeah, but now it's mostly management and mentorship. I'm still doing IC research code up to
4:00 PM, although. But | just kind of changed.

FRCERIR:

RENMENBSHEAEMNTGE. B2, ZHY, T OpenAl IITEIDERE T EK, RIRNEHE, REE
ERST IC (JRIZTIEAE) WITAE, FAUREREZMEE. IHERE. KFEiTE, H57mEE (PM) MgiHmE
5, BNNARE T, FIANBERENGH, MERERR “H(OMAN AREHTT Al HENSRE
2?7 MAEREBEAFEENES. T3, TF 4 22Z2mBNAES ICHRAE. RRARKET —ERT,

(00:20:21) Lenny Rachitsky

English:

All right, don't talk too much about being a manager.
FRERIE:

g8, FEKZ HZIEME,

(00:20:23) Karina Nguyen



English:
Okay.
FRCEIE:
9F89

(00:20:23) Lenny Rachitsky
English:

Because everyone's in firing their managers. "Who needs managers anymore?" That's what | hear now.
Just kidding. It's interesting that so much of your time was spent on teaching product teams how evals
integrate and how important it is. And I've heard this a few times and | haven't personally experienced it
yet, so | think it's an important thread to follow is just how writing these evaluations is going to become
increasingly an important part of the job of product teams, especially when they're building Al features
and working with LLMs. So can you just talk a bit more about what that looks like? Is it sitting there with
an Excel spreadsheet basically showing, "Here's the input, here's the output, here's how good the result
was"? Talk about what that actually looks like very practically.

FRCERIR:

EAMAERKEAHEIE, “BEFEZEW? * HUERIVBEXME. F K. REERNE, R
BT XAZHEH~mEANAES TG (evals) UREHNERM. HITSIFLREMRE, BRARTLFES
2hd, ERANNXE—MREENRR: REXETERNABEEMAN~mBENTENEZRAMED, 55!
EEME A THEEMERARKIESREN, MEBZ KRBT AEFHING? BLEREM Excel 8, EXLE
T XEEA, XZ2R, XRERESZE 197 RKKSEIMREREM A,

(00:21:02) Karina Nguyen
English:

It certainly depends on what you're developing, but there are various types of evaluations. Sometimes |
do ask product managers, or there's also new roles that we have, model designers, to go through some of
the user feedback maybe or think of various user conversations that should have triggered... Under these
circumstances, it should trigger Canvas. And then you have this ground truth label of, "Okay with this
conversation it should look trigger Canvas, under this conversation it should not trigger Canvas." And you
have this very deterministic kind of eval that for decision-making behaviors is like this.

FRCERIR:

XYRRFIREF L4, BIREERESMER, GRNRSERTREZE, HERINNUETENHAE—IE
Bigitim, EEF—LAFP KRG, XEMBESMIZAAINGENINE R - LIIEXEERT, ERZME
Canvas, RABMRME T —NMEEEE (ground truth) & : “UFH, EXNIIETEMNZALL Canvas, 7
BANIETFRRZARE” WFREITH, FIIREXMHIEEHEM (deterministic) A,

(00:21:46) Karina Nguyen
English:

When we were launching tasks, for example, how do you make correct schedules is actually really hard
for the model. But we built out some of the deterministic evaluations that is like, "Okay, if the user says
7:00 PM, the model should say 7:00 PM." So if you can have deterministic evals whether it's pass or fail.



And the way it works is all the... Sometimes | ask product managers to just go create a double sheet, have
different tabs and what's the current behavior, what's the ideal behavior and why, and some notes.

AR ERIE:

an, BV ESINEE (tasks) BY, WNAHIEEMBYBSERMRRIFIGHLIFE, BR(VELT L
EMRITML, thal: 8y, MRAAWHEBLET R, RERMNZREEE 7 R XERFEERBIFRENBRIHAE
Mt fh, BEAMOER - ARRIILFREERNE—IRE, REFFENREE, ERIMTHZFA. B
BITARFA. AftA, Uh—E&E,

(00:22:27) Karina Nguyen
English:

And sometimes they usually use it with evals, sometimes we use it for training. Because if you give the
spreadsheet to 01 model, it can probably figure out how to teach itself a good behavior. And | think there
are second type of evals that is more prevalent is human evaluations. And you can have specific trainers
or you can have internal people to when you have a conversation of the prompt and then you have
various completion of models, you choose the win rate. Which model is the best? Which model produce
the highest quality comment or edit? And then you can have continuous win rates. And as you develop
new models it should always win over the previous models. So it depends on what you want to measure.

AR ERIE:

BRMITRXLERTITE, ARFIMEERTIIGR. EAMNRREXNEFRELS ol iRE, ERIBEEMEFARE
NI B S RME RIFNITH. HIUANANEMEZBAITEERZEATLITME (human evaluations). fREJLAHE
TIIMWINIESR, NEIULRABARSS: SRE-NMERIENE, AREZSMRENTRERN, REFER
(win rate) . BI-MERERYLF? M- MEEERBITICHFRERERS? ARIMAUFFEREMER, SIRALMR
B, ENIZBAMT ZAIRE, FRUXEURTFIREEERT 4.

(00:23:22) Lenny Rachitsky
English:

So interesting. Basically what I'm hearing, and there's something I'm learning about as | talk to people, is
product development might move from this, "Here's a spec PRD, let's build it together and then cool, let's
review it. Are we happy with this?" From that to, "Hey, Al, build this thing for me and here's what correct
looks like," and I'm spending all my time on what does correct look like on evals essentially.

FROCERIR:

XBERRT.,. B LRAINE —XBWERBISARKFEN —F@mALATREEN “XE2MEGAS
PRD, Zf—ERMEE, AFTH, ERINESHET IMERX, KEHN TR, A, EREEXIMERE, X
= CIEW BARET , MIXIEFTAEREEEEEIITE (evals) REXMFAR “E#H” Lo

(00:23:47) Karina Nguyen
English:

You definitely want to measure progress of your model and this is where evals is, is because you can have
prompted model as a baseline already. And the most robust evals is the one where prompted baselines
get the lowest score or something. And then because then you know if you're trained a good model, then
it should just hill climb on that eval all the time, while not also regressing on other intelligence evals.



That's what I'm saying, it's more of an art than science. It's like, "Okay, if you optimize the model for this
behavior, you don't want to brain damage in other areas of intelligence or..." This is happening all the
time in every lab, in every research team.

AR ERIE:

MEEREHERUMEE, XMBIHENIER. EARETLUIENERTIE (prompted) FIEREAELE, &&
EETH AR MR IR ES D KRR, EAXFRMAE, MRMINGET —MARE, ERMNZE
B MFEERET “TeR” (8B, ARNXAIEEMEERTE LR, XMERRN, XERE—TTZR. Lt
g0: ORI, WIRMREMXMITALMRE, (FAFEEEHEMERIATER " IMNBERESPIREE.
BSMAREAPEELRE,

(00:24:35) Karina Nguyen
English:

| would say prompting is also a way to prototype new product ideas. Early days at Anthropic when | was
working file uploads feature, | remember | was just prompting the model to just... | remember we were
launching a hundred key contexts. | was just prototyping this in their local browser. | did the demo.
People really, really loved it. And they just wanted API for file uploads or something. And then that's when
it clicked to me, and also one of the blog posts a long time ago, it clicked on me prompting is a new way

of product development or prototyping for designers and for product managers.
FRERIE:

#HRR, 51RmiE (prompting) BR—MEREAMH~RBENSR. £ Anthropic R, HFEAFXHLE
ThEeRy, HIBFEHRBBEIIRRIADILER - RISFHNRIELH 1075 (100K) ETX. HRRZEAHIF
HERPHRE, B TET, AREFER. MMNEEZBEXH LERAPI Z2E£8, MERRERAHET ,
RALBIN—REX RN, HRIRFRTRIARIEIT NN~ RS T M R SREIL T E—M#T 75 T

(00:25:20) Karina Nguyen
English:

For example, one of the features that | want to do is have a personalized starter prompts. So whenever
you come to Claude, it should recommend you starter prompts based on what your interests are. And so
you can literally do it prompting for that.

FRCERIR:

510, FHRMB— P IhEERIRHMEUIRRETIR. XIFEHIRITF Claude B, EERIRIEMATHEBE IR
FBRTIE. Rcer LB SieniaRsSE I MIRERIREL,

(00:25:42) Lenny Rachitsky
English:

Mm-hmm. To experiment with that.
FRCERIE:

i3, AERHITER,



(00:25:44) Karina Nguyen
English:

Another feature was generating titles for the conversations. It's a very small micro experience but I'm
really proud of. The way we did that was we took five latest conversation from the model, asked the
model, "What's the style of the user?" And then for the next new conversation, the generated title will be
of the same style. It's just like really little micro experiences like this.

AR ERIE:

F—INIEERNMIEEMIID. XEB—NIFERMNIIELE, BHRIEEER. HNBEER: MERPRIRA
ERFE, FRE: “APBXEEMA? 7 ARXNT T—REMNIE, ERITEMZRAEBRINSE.
XM ARET AT,

(00:26:12) Lenny Rachitsky

English:

That's so cool. Did you do that at Anthropic or at OpenAl?
R EE:

XEET . RZTE Anthropic IX27E OpenAl X ?

(00:26:14) Karina Nguyen
English:

At Anthropic.

R EIE:

7£ Anthropic,

(00:26:16) Lenny Rachitsky
English:

Okay, cool. | love the file upload feature that Claude has by the way. ChatGPT doesn't have that yet, is that
right?

FROCERIR:
98y, Bhe IRER—T, FIFFEEIR Claude RIS EEINAE, ChatGPT IR BABNINAE, XIE?

(00:26:16) Karina Nguyen
English:

I think has the way.

FRCERIE:

BEEHEMBA



(00:26:23) Lenny Rachitsky
English:
[inaudible 00:26:23]
R ERE:
(IAARE)

(00:26:22) Karina Nguyen

English:

| think the way it's implement is very different though.
FEiE:

FEHEBEBEWEMAXIEERE,

(00:26:25) Lenny Rachitsky

English:

Okay. Maybe it's the PDF feature, because | use it all the time with Claude.
FpERIE:

408, tBIFE PDF IhRE, RATLEEE Claude LAE,

(00:26:28) Karina Nguyen
English:

Yeah.

FASZERIF:

==

(00:26:28) Lenny Rachitsky
English:

Okay.

FREiE:

a0

(00:26:28) Karina Nguyen
English:
That's cool.

FRsCERE:



ABIRER.

(00:26:29) Lenny Rachitsky
English:

Somebody needs to get on that. Main, it's wild how many features you built that | use every day and that
many people use every day. This prototyping point you made is really important. It's something that
comes up a ton on this podcast also of how that... is maybe the way that Al has most impacted the job of
product builders recently is just prototyping instead of going from showing just like, "Here's a PRD, here's
a design." PMs are more and more just, "Here's the prototype with the idea that | have," and it's working.

You can play with it.
FRCERIE:

BEAZRHE—T. X, (FEBTXASHERIMER. REASREEBIITNEE, XXRIET. (REZIH
XTRENMSIEZEE, EXMEFTREBRE, Al Ed=alEE TIEEmeAN S EmERE
It —FABRERT “XZ PRD, XRKRITE" , FeELEBEERESHERET "XERHBMUEHNER
B, MEERAILUETT. AJURER,

(00:26:54) Karina Nguyen
English:

Yeah.

FSCEiE:

=0

(00:26:55) Lenny Rachitsky
English:

Yeah. Okay, | want to spend a little more time on how you operate. So you talked about you built this in
launch of this tasks feature, is that the way to describe your tasks?

FROCERIR:

8. HEB SR EIERENAIEEN, RAETMMEFRHE TN 257 (tasks) TheE, BXHF
HRRIIS?

(00:27:04) Karina Nguyen
English:

Yeah.

FRCERE:

=0

(00:27:06) Lenny Rachitsky



English:

So talk about how that emerged and let's better understand just how you collaborate with product teams
and how OpenAl works in that way, whatever you can share there.

FRZERIE:

BRKEBMMER, LFHRNEIFMIBERRZ NS~ mBEPADIERY, UK OpenAl 7EX 75 B IAIEE
By, REZREDZHIEBALL

(00:27:14) Karina Nguyen
English:

| think Canvas and tasks are going into the bucket of projects where it's more short or medium terms. And
actually the way Canvas and tasks came about to be was it started with one person prototyping and
creating a spec. It's kind like PRD. It's like creating a spec of the behavior of the model. | don't think tasks
is extremely groundbreaking feature necessarily. What makes it really cool is because the models are so
general... Model can now search, they can write sci-fi stories, they can search for stocks, they can
summarize the news every day. Because the models are so general giving something familiar to people
that notifications is very familiar, having reminders is very familiar. So feeling like a form factor for the
people who are very familiar, same as Canvas, Google Docs is very familiar, but then you add magical Al

moment and it becomes very powerful.
FRERIE:

HIAA Canvas FMIESINEERE FTHEAM B AVEH;, SEPRLE, Canvas MESINEERIREBT — N ANEREIGIT
MIMAEULEE (spec) /E. XBE R PRD, SEBAREMITREIEME. BRIANESIHERS—ERREFF
IR, ENEESETEANEIEEER - BENELIER. BROKE. ERE. R458HE. ER
FERNLER, AANT—LRENRTE —LBHERE, REDRAE — XM AITRRIEEHEN
KMAR (form factor) , Hif& Canvas ZF Google Docs —#%, Bl L#EM Al RNZl, EMaTBIEER
Ko

(00:28:26) Karina Nguyen
English:

But the way it comes usually operationally... Yeah, size is like a prototype, literally prompted prototype of
how you would want the model to behave. For tasks, for example, you need to design... Literally design
thinking is like okay, well, if the user says, "Remind me to go to lunch at 8:00 AM tomorrow," what
information does the model need to extract from that prompt in order to create a reminder? And so this is
how you design a spec for a new feature, like a tool. Canvas and tasks are all tools. So it's like how do you
create the tool stack?

FRZERIE:

BEREREL 28, ARMGE—TRE, FESX LEBIRTINENREITHRE, UESINEEX
B, RBEERIT - FEEX LRI RERE: 8, MRAFE “REFXAXRFEL 8 REMZFIR” , BEE
FEMBMERIAPRNTAGES et Z2—NMEE? XMEMRAMIE (Lbi—1PITHR) it A=R.
Canvas M{ESSTNRERRR T Ro FRIAX K FARIIMAIEIZE T A%,

(00:29:09) Karina Nguyen



English:

And then it's mostly like developing JSON schema. It was like, "Okay, from this problem maybe the model
should extract the time that the user requested." And then you think about which format do you want the
time to be? And then how do you want the model to notify you is basically the user should give
instruction to the model. And then this instruction would fire off every day or something at that particular
time. So, for example, if you say, "Every day | want to learn know about the latest Al news," the model
should rewrite into, "Okay search for the latest Al news and this task will get fired at that particular type
that the user requested."

AR ERIE:

RRXEEMBGREI A JSON ZRH (schema), EbIN: “4F8Y, MRXNEEF, REBIFNIZIRENAEFBERR
Btiel,” AEIREERFENBRTANMI? BEMRFERMENMENR, EX EMERAPNMNZARETEES.
ARXTMELAESRIBMFENEMA, HIg0, WNRIMR “SRIERE T REHYAIFE" , RENZE
HEEN: "8, BR&EMHAIMNE, XMESHERPERIBMGENBERRAL”

(00:30:02) Karina Nguyen
English:

And then your design is like tool spec. Actually, | don't know. | feel like sometimes it's through
conversations I... Either people ask me to join the [inaudible 00:30:15] team and they're like, "Oh my god,
we need researchers." Or like, "We need some support. We need to train the models," or sometimes.
Canvas was mostly like | just pitched the idea of... It got staffed quite immediately during the break, so it's
dependent on the project. And then usually with staffing is mostly a product manager, model designer,
actual product designer, a couple of researchers and a bunch of applied engineers. Depends on the
complexity of a project. And then for tasks it took, | don't know, like two months or so to go from zero to
one basically.

AR ERIE:

ARMIYIRITIMERIAMB. LML, FEANE, BRREFENZEIMNE - BAREABBHMAED
FBA, ¥ KB, HMNFEARZR.” HER: “KNFE-LEZF, BIFBIIGKRE” Canvas TEZH
AERE T XL ERBHEIERRMET 7 AR, RIUXERTIE, 8FARKEEE -~ S
B, —RBAHI. —|EENF@ZTN. IRHRRN—H#NALRR. XERTFHENEREE. ¥
FESThEE, MBE—EA& LT RO NARIETEL,

(00:30:54) Lenny Rachitsky
English:
Oh wow.

FRZERIE:

(00:30:54) Karina Nguyen
English:

For Canvas this was like four, five months, | guess, to go from zero to one. And then you teach product
managers how to build evals and maybe how do we not only ship the better feature, but how do we think



longer term? What kind of cool features did you want tasks to have? | think it would be nice for tasks to be
a little bit more personalized. It'd be nice to have to create tasks via voice on a mobile, right? This is how
you get research roadmap right here is thinking how the feature will be developed in the future.

FhSCERIF:

3FF Canvas, MEBEI—ABETEEMNE, AEMREFRIFIBINAEILITE, BFRERITNARNAHGELT
BITHEE, MEIMEHITKEEE? (REBESIEEAMLEIZAIEN? RIANMNBESIHEEREE MEL— a5
37, MREEFNLESEZONEES, BMAET, WIE? XH2IRFKEMATREREZE (roadmap) AR
— BEZIRER IS MA LR,

(00:31:39) Karina Nguyen

English:

And then from there it's like you start getting data sets. With evals, you want to make sure that goes well.
And then you need to have a trade-off between what methods you want to use. And the reason why |
really love relying purely on synthetic data instead of collecting data from humans is because it's much

more scalable, it's cheap, less than half. You literally sample from the model and you teach the core
behaviors of the models and that will generalize to all sorts of diverse coverage.

AR ERIE:

MBBLUS, fRELFFIAIRENEMIES @I, RERER—IIHEINF. ARREEERERNTG AZEHITN
o WZFTUIFEEMARKME M BEMAZMAEREWRELIE, ERNENTY RERRFS, MAR
BE, RARE—F. (REBRMERPREF, BARMEZOTH, XETARE EISMSEENTRPR,.

(00:32:15) Karina Nguyen
English:

And when you launch the beta feature, you learn so much from the users that you can... All your synthetic
sets can be shifted in the distribution and how the users behave on the product behavior. And this is how
we improve. And this is what happened with Canvass too when we launched from beta to GA.

AR ERIE:

H{R& S Beta hRZOEERY, REMARBEFEIRS, (RAILL-- RIBAFPEFRPOITAKRIR, ABREEK
HIREN DM, XIMERIT#HM A, Canvas M Beta lRZIER L% (GA) MU ZEUNLL,

(00:32:34) Lenny Rachitsky
English:

Okay. This episode is brought to you by Loom. Loom lets you your screen, your camera and your voice to
share video messages easily. Record a Loom and send it out with just a link to gather feedback, add
context or share an update. So now you can delete that novel link email that you were writing. Instead,
you can record your screen and share your message faster. Loom can help you have fewer meetings and
make the meetings that you do have much more productive.

AR ERIE:

FHY. AETIEH Loom B, Loom iLfREEBEIRER. REXMETEMDZMIER. Ril—K
Loom, RF—THHEAIALXNE, BTFRERSR. BNERELEHDZEEN. FAUITEIRAIURE(REES



MKBRICHERH T, Bk, RAUREEEHERMOZRIES. Loom AIUFEBRELD RN, HitfrE
MBZWERE T,

(00:33:02) Lenny Rachitsky
English:

Meetings start with everyone on the same page and end early. Problem solved, time saved. We know that
everyone isn't a one-take wonder when it comes to recording videos. So Loom comes with easy editing
and Al features to help you record once and get back to the work that counts. Save time, align your team,
stay connected and get more done with Loom. Now part of Atlassian, the makers of Jira. Try Loom for free
today at Loom.com/Lenny. That's L-O-O-M.com/Lenny.

FRCERIR:

KWFHARRRSOAR IR, FHiRFILR, MEBRT, NETET. BiFE, HFREREMAERFIIAETER
BE “—IBE” . PTLA Loom 1R T {EERAV4RIEF Al THEE, ZEBNMIARGI—XMEERIZIZEZNTER, M Loom
TERE. XMFEB. FRIFEAHTHESZ ITE. Loom MER Jira Hi&R Atlassian BI—289. SRME
Loom.com/Lenny F&ZiRH Loom, MHEE L-0-O-M.com/Lennys

(00:33:34) Lenny Rachitsky
English:

Something that | want to help people understand, and | don't even 100% understand this, is what's the
simplest way to understand the job of a researcher versus say a model designer and other folks involved?
What's the simplest way to understand what researchers do at OpenAl?

FRCERIR:
BREEWARERN—HE—EEZERBCHFRE 100% B — M2EMARRA (researcher) 5RALIGIT

Jfi (model designer) UKREMEE5AGHNITEXS, RERENAGERTA? 7 OpenAl, RRANTIERE
BRERARHA?

(00:33:48) Karina Nguyen
English:

So the project that | described are mostly product-oriented. Research is mostly product research. Another
component of my team is actually more longer term exploratory projects. And it's more about developing
new methods, understanding those methods under a variety of circumstances. So basically developing
methods, you need to follow very similar recipe of building evals but it's much more sophisticated evals.
You want to have outer distribution or if you want to measure generalization, you need to capture that.

FRZERIE:

ENAERNIMB A Z AR @, HREFEETRAR. KEMNS — AR L EREKIANRE
MM, EBZREXTHEAMA L, HESMBER TIEMRXLESZE, FILEREFESENN, MEEEESE
IIHEHIERRMES S, BRBEEZXMITH, FEELESI (out-of-distribution) BIIENR, HEIWMRIR
1% EZEES (generalization) , {REEMITEIX—S2

(00:34:26) Karina Nguyen



English:

But it is basically more sciencey in a way where... If we talk about synthetic data, one of the hardest
things about synthetic data is how do you make it more diverse? Diversity in synthetic data is one of the
most important questions right now. And so it's like exploring ways to inject diversity as a general method
that will work for all is one of the research explorations. Other ones is more developing new capabilities. |
feel like it's always about you work on this new method and you have signs of life that it's working, either
you think of how do you make it more general or you think of how do you make it very useful? And this is
how the longer-term projects become more medium, short-term project.

AR ERIE:

BERMEEL, cEARFEE - MRFNVKCEHEIE, GREERENERZ—ME: NFULEESHF
? SREENSHFERENREZRNIREZ— I, RRNFAKRSHEFEA—TBANGEEIN, £HE
BTFREYR, MEMRRREZ— HUHNNEFLHE. AREXERXT: (FARXM#GE, HiRE
NERMTRE, REAZERNMALEEER, BEAZENMLEFEEER. XKL ENARATFE
BRI E 75 o

(00:35:15) Lenny Rachitsky
English:

That makes sense. Essentially working on developing ways to make the model smarter, 04, 05, 06. New
ways to... 01 was a big breakthrough, right?

AR ERIE:

BET. &R LERBANTFHALILREERBSGE, bl o4, 05, 06, FHHGE 0l B—1MEARNK,
X$IE?

(00:35:25) Karina Nguyen
English:

Yeah.

FASZERIF:

==

(00:35:25) Lenny Rachitsky
English:

The way it operates where it's not just, "Here's your answer," it actually thinks and takes time to think

through the process of coming up with an answer. Okay.
FR ERIE:
ENEEAXFBNNXE “XZMNER" , ELFLEEE, HEMNEREEHERNTRE. 171

(00:35:33) Karina Nguyen

English:



Yeah.
AR ERIE:

=i

(00:35:34) Lenny Rachitsky
English:

Very helpful. Speaking of that, of thinking about the future, where things are going, | want to spend some
time on just this insight that basically you are building the cutting edge of Al, at the very bleeding edge of
where Al is going and where it is. And so I'm very curious to hear just your take on how you think things
are going to change in the world and how people work based on where you see things are going. And |
know it's a broad question, but let's say in the next three years, how do you see the world changing? How

do you see people's way of working changing?
R EIE:

FEEHEE. REIRERKMNEYNLERS M, FRER/BERRXFE— 10 RES EZEWE Al B9
B, AF ALBPRFARREBHRRIG. FIUKIFEFE, BETMAEINEE, MANERILKEEFNE
£, AMINIEARXIMFAE? FNEXZ—MREZNREE, BRIZERK=ZER, MINER MR
Z? AMINIEARIMALE?

(00:36:08) Karina Nguyen
English:

It's a very humbling experience to be in both labs, | guess. To me when | first came to Anthropic and | was
like, "Oh no, I really love front-end engineering." And then the reason why | switched to research is
because | realized at that time it's like, "Oh my god, Claude is getting better at front-end. Claude is getting
better at coding. | think Claude can develop new apps or something and so it can develop new features
for the thing that I'm working." So it was kind like this meta realization where it's like, "Oh my god, the
world is actually changing." And when we first launched 100K context at that time, obviously I'm thinking
about form factors that's like file uploads were very natural, very familiar to people. But you can imagine
we could just make infinite chats in the Claude.ai app, as if it's 100K context.

AR ERIE:

REEMRXERETZ MBS ANRENEZH MFHEFKiR, SFMAN Anthropic B, FZHR[F: 1A, K
EMRERFGHIRE.” EREEAARTNERR, RHENFIRE: “XM, Claude BFIMHEEIHREMIET .
Claude BY4RIZREDBIKHIR T, FKTTF Claude EERTUALRMHNAIERF, HENKEEMBIREH LI
BB FRUUXFGR—M “J0IAK” BEARIE: XM, #RENENRZ.” SRMNFE-—REHFI0HLTX
B, MEATERERMMI (form factors), LN EEIWAMNHKIRIEEBA. IEERE. ERIUER,
A AT LA ERE Claude.ai MASHIELRKAIIIR, MEER 10 5 ETX—H*.

(00:37:04) Karina Nguyen
English:

But because file uploads... It's like form follows function. It's like the form factor, the file uploads can
enable people to just literally upload anything, the books, any reports, financial and ask any task to the

model. And then | remember it was either enterprise customers, financial customers were really



interested in that. It's like, "Oh wow." It's actually one of the very common tasks that people do in that
setting. It's kind crazy to see how some of the redundant tasks are getting automated basically by these
smart models.

AR ERIE:

BEAXHELZ-XREE “TNIERINE" . XA LEXMEARTLOLANER LEERKRA: BHE. £
miks. WSikEk, HRABRRAEEFES. RICBLANTRREVEFER ST EILIFRERE, 7
B2 M|, B XLFERAMVERMIRRETEEBLNESZ— B -LEESUNESEER LHRXER
RERE BT, BRI,

(00:37:48) Karina Nguyen
English:

And they're entering the era where, | actually don't know for example sometimes if 0l gives me the
correct answer or not because I'm not an expert in that field. And it's like, "I don't even know how to
verify the outputs of the models." It's because all my experts know they can verify this. So, yes, so
basically there are trends that are going on. The first trend is the cost of reasoning and intelligence is
drastically going down.

AR ERIE:

BATEEEANZFE—NIA: 190, BREEFLERRE ol fRNERESER, RARFERNTINE
Ko MR “REEFNENAIERENEE.” RARETXMEMMAEIE, I, B EF—EEEIE
TRE. F—TEBZHIENE IR ETAE TR,

(00:38:22) Karina Nguyen
English:

| had a blog post about this. Maybe | should update on latest benchmarks, because at that time
everybody was doing one benchmark and they'd be... quickly saturated the benchmarks. So I'm like,
"Now we need to do the same plot but with another frontier eval." But the cost of intelligence is going
down because it becomes that much cheaper. Small models are becoming even smarter than large
models and that's because of the distillation research.

AR ERIE:

HEEI—RXTIHEN. WiFRNEZRESHVEENRSEITEN, FRALRAREBER—NEEN,
MBERRMEE TIEM, FAUFOE: “HERNFERS MG RERENER.” BERENMAETE
T, RANELREERS. HTFHEE (distillation) AR, IMREEZE TR AREEEREA,

(00:38:56) Karina Nguyen
English:

This happened with Claude 3 Haiku. | was working with the training on the Claude 3 Haiku and | realized
it was much smarter than Claude 2, which was way bigger, lots [inaudible 00:39:08]. But the power of
small models become very intelligent and fast and cheap. We are moving towards that world. That has
multiple implications, but the news is that people will have more access Al and that's really good.
Builders and developers will have much better access to Al, but also it means all the work that has been
bottlenecked by intelligence will be unblocked.



AR ERIE:

Claude 3 Haiku st @X#, HYRS57T Claude 3 Haiku B9iIl%, HEIDEIELL Claude 2 BREAR %, M
Claude 2 EX8 %, NERNHEETERIEEEE. RERAEMN. KMNEHASBMREH, XELER
m, EFEERATREEZHISEM A, XIERET. MEENFLEGEEFFIEA, BHLERKEMRES
ZIRF IS EEARINA TIEERISG 1T B,

(00:39:40) Karina Nguyen
English:

I'm thinking about healthcare, right? Instead of going to a doctor, | can ask ChatGPT or give ChatGPT a list
of symptoms and ask me, "Would | have a cold, flu, something else?" | can literally get the access to
doctor almost. And there's been some research studies around that.

AR ERIE:

BERETRE, WB? SHEXBES, KAILUR ChatGPT, &L ChatGPT —IERER, HE: “HKER
BT RRT, BEANNHTA? 7 RIVFAUEEREEEN L, EQFE—EHEXARHAR T

(00:40:05) Lenny Rachitsky
English:

There was a New York Times story about that where they compared doctors to doctors using ChatGPT to
just ChatGPT and just ChatGPT was the best of them. All doctors made it worse.

FRZERIE:

(ALYBTR)Y BiREE—NRE, ML TESE. FH ChatGPT FES A4l ChatGPT, 53R 4k ChatGPT
BRRUBTFN, FIENEENMNERMILIERTET,

(00:40:18) Karina Nguyen
English:

Yeah, that's crazy. Yeah. Yeah, that's crazy, right? Education | think | would have dreamt if | had the tool
like ChatGPT when | was young and would learn so much. But it's like people can now learn almost
anything from these models. So they can learn new language, they can learn how to build new look apps
and write anything they do want. It's humbling to have... launch Canvas and bring that thing to the
people, enable them to do something else that they couldn't have ever before. There's something
magical around this experience.

FRCERIR:

B, BBRKRET. HELE, HBMRKFRENE ChatGPT XENTHR, B—ERXETHRUK, BFIKXER
o MEAMVLVFAUMXERBAZEERKRE, WIRUEIMES, FINERTRA, SEMAMW)
BEMRA, & Canvas FRHEFLAMN], ILMIIEBMUBMKREINER, XLANRERE, XA
BEERMEN.

(00:40:57) Karina Nguyen

English:



Education will have massive implications. | guess like scientific research, | think it's the dream of any Al
research is to automate Al research. It's kind of scary, 1'd say, which makes me think that people
management will stay. It's one of the hardest thing to... Emotional intelligence with the models, creativity
in itself is one of the hardest things. So writers, | don't think people should be worried as much. | think
will alleviate a lot of redundant tasks for people.

FROCERIR:

HERFEERNTM, TERZFMER, FEEM A ARRNZRHRERIN A ARHNEHL. FERXERA
B, XiLFEBEFAREE (people management) FEFRETHK, XERMHFHFZ— - RENBH. S
NESRRBEENEEZ— FIUER(], HUARBITFEO. TANEZNATRERZSES TS,

(00:41:34) Lenny Rachitsky
English:

This is awesome. Okay, | want to follow this thread for sure. And it's funny that what you described as you
were an engineer at Anthropic and you're like, "Okay, Claude is going to be very good at engineering. This
isn't going to be a potentially career long term, so I'm going to move into research and Al is going to need
me for a long time to build it, to make it smarter."

AR ERIE:

AT, 18, HWEEBIREXNERY. REBNE, (RERT R Anthropic 3 TREIMSRAEE: “4F
B, Claude IIiZRENZLRFIERER. XAIEEAR— M KEIRVERIER, FIUFHTEREMR, Al ZERK—
BN REREWEE, LELFERRA"

(00:41:53) Karina Nguyen
English:

I would say we still have... | think Canvas team has still have really cool front engineers that are really
people who really care about interaction, design, interacting experience. | don't think models are there
yet | think if... But we can get the models to this top 1% of front-ends and things for sure.

AR ERIE:

BRRIAWIFAE - FIAA Canvas HIAMMAB IR HEERRIH TN, MIEREEXORE. KITNRXERKR
BIANe BARINNREBFIBEEE T HDKFE----BFATEE R LULHEELXR B iH S UA] 1% BI7KF,

(00:42:16) Lenny Rachitsky
English:

So what | want to move on to next along these lines is just, and this is just speculation, but what skills do
you think will be most valuable going forward for product teams in particular? So folks are listening and
they're like, "Okay, this is scary. What should | be building now to help me stay ahead and not be in
trouble down the road?" What skills do you think are going to be more and more important to build?

AR ERIE:

BEXNRE, FETREMNE —XAREN—IRIANRRPLEREN~mE AR R EENME? TR
AIRERAR:  “WFIE, XEITAR. HIMENZIBFFARKEE, FRFRETR, FETERKBARE? * Rk
AL RERIEF R L SHRBEE?




(00:42:42) Karina Nguyen
English:

Yeah, | think creative thinking. You want to generate a bunch of ideas and filter through them and not just
build the best product experience. Listening. You want to build something that the most general model
will not replace you. And oftentimes you build something and you make it really, really good for specific
set of users and actually the mode is now in your user feedback. The mode is more in whether you listen
to them, whether you can rapidly iterate. The mode is in here. | don't think we are yet to... There are so
many ideas, | think there's an abundance of ideas that you can work on. | wouldn't be worried. | feel like
in fact | just think people in Al field are like... | wish they were a little bit more creative and connecting the
dots across the print fields or something like that to develop really cool new generation and new

paradigms of interactions with this Al.
R EIE:

B8, HINAZEEMELE, FEEFEXRENBZHHAITHIE, MAXNEWERENTmER, EEMH
o REEME-LERBANRETARIREIRE. BEMWET LKA, AN ERFBHRFIFEIE
WBYF, SRR LRV (moat) IMEMEMRBIAR RIGH. PHAIESETIRESHIAMI), SEEEREIX
o PIWARERXE, HPNNENEE - BXAZEE, WAATAUSHNRESZER. RFIEBO.
FE, R A FEHBIA - HAHEMIEER T —xR, SEMEMBRIERZER, NMALHEERZ
B — Al ZESER.

(00:43:53) Karina Nguyen
English:

| don't think we've cracked this problem at all. A couple of years ago | was telling some people, | was like,
"You want to build for the future." So it's like it doesn't necessarily matter whether the model is good or
not, good right now, but you can build product ideas such that by the time the models will be really good,
it'll work really well. | think it just happened naturally. For example, at Anthropic the Claude artifacts...
And | feel early days of Canvas was, back in 2022 before ChatGPT, writing ideas was our knowledge
[inaudible 00:44:36]. But | feel like Claude 1.3 model itself was not there to have made really extreme
good high quality edits. For example, like coding.

FRSERIE:

BAABNTRAEEERRXN A, NLEFMEEF LA “CMEARRMGE.” FrL, ERIMEFRTH
F—EEE, BRAUTUEESRIER, GEIRETFHEERAN, ERETHEETF. RINAXZEARE
8. 510, Anthropic B9 Claude Artifacts----- xDi1§ Canvas FYRHAMER, 21E 2022 & ChatGPT Il ZAl,
SEESHERINNAINES. BERIEBUNM Claude 1.3 REXSEREUHITIRESRENHRIE, LLIIR

=

(00:44:47) Karina Nguyen
English:

And | feel like | see startups like Kaeser was doing super well. And that's because they iterate so fast. They
invent new ways of training models. They move really fast. They listen to what users like, massive
distributions. Yeah, it's kind of cool.

FROCERIR:



FHEEE Cursor XIFHFICIARMFIFE L. BEANMITERFTKRT . WNRKATIIHRENFHSZ. it
MiTehdiR. WiREANEL, HEEARNDAE, 28, XEEN.

(00:45:08) Lenny Rachitsky
English:

That's really helpful actually. So what I'm hearing is that soft skills essentially are going to be more and
more important, powerful. You just talked about management, leading people, being creative and
coming up with innovative insights, listening. There's a post | wrote that I'll link to where | try to analyze
how Al will impact product management. And we're actually very aligned, and my sense was the same
thing, that soft skills are going to become more and more important. And the things that are going to be
replaced is the hard skills, which is interesting because usually people value the hard skills like coding,
design, writing really well. And it's interesting that Al is actually really good at that because it's taking a
bunch of data, synthesizing it and writing, creating a thing, versus all these fuzzy things around of what
influences, convinces people to do things and aligning and listening, like you said, creativity, anything

along those lines come up as | say that.
R EIE:

XEFR EIEEBERR. FIUFKIREIRE, RRERR ERER/HREER. #MEA, MR TER. 4%
ftbA. EBECEHRLCFNE. Hf. REI—RXE (RSB IM#EE), XES T A BNAZH~RE
H, HMNPOMAELEE—H, HPREEE—HF: RKESEFURMEE, MISRMANIERE, XR

BR, EN@EANEENEEREE, iRz, ki, MENSF. BENE, Al KFLIFFERXLE,
ENERRMAEHIE. #ITEEGHTEE. QIERA; MELLZT, BERMEAAE —Lbnmezm. Rk
M, URITFAER, ENRFHRBIEIEN —HHX AR, (REFTARELD?

(00:46:01) Karina Nguyen
English:

| think it's actually a really, really hard to teach the model how to be aesthetic or do really good visual
design or how to be extremely creative in the way they write. I still think ChatGPT kind of sucks at writing
and that's because it's bottlenecked by this creative reasoning. | think characterization is one of the most
important... | think for a manager, | feel like...

AR ERIE:

BANBRABIOARSHE, NAREERBHNIET, REMAESEHRLMALE, K52
B, RIDANEG ChatGPT ESIEAEELYN, BERNTESRFUSHAE, RUANEEYELRE
B> — - WAIHF—MEIBRR, HG

(00:46:28) Karina Nguyen
English:

Actually, Al research progress is bottlenecked by management, research management. It's because you
have constrained set of compute and you need to allocate the compute to the research paths that you
feel the most convinced about. It was like you need to have a really high conviction in the research paths
to put the compute, and it's more return on investment kind of situation. It's like, "Okay, I'm thinking a lot
about across all my projects, which projects are higher priority?" Prioritization and also on the lower
level, "Which experiments are really important to run right now and which are not?" and cut through the



line. So | was thinking prioritization, communication, management. People skills like empathy,

understanding people, collaboration.
FRERIE:

Efr L, AIRIHEREZZIEE BEARERE) BMIRE. RAMNELHFEREERDN, MEERENS
LA MRBENHRERZ. MOTNHRBEERSHNEOAERAESN, XEGE—MRERIKRERAIER.
mEZE: WE, HWEBREHFMAENTE, MEMENMARES? ~ LEARHF, UREEHMNEEL,
“MPLELRMEBTEEEE, WEREE? 7 HREFNE, PAURBINZNARHF. B8, EE, &8
ABRRERES, EEONEERC. ERMA.

(00:47:23) Karina Nguyen
English:

| think Canvas wouldn't be an amazing launch if it wasn't about people and | think it's a wonderful group
of people. And | get a chance to work with people like Lee Byron who's a co-creator at GraphQL and some
of the best Apple designers. It's so cool to see... and how do you create this collaboration between
people. It's just something that's still humane, I think.

FROCERIR:

HIANNWMRAZHEAAN, Canvas MASB—MLBEENER, RINIBE—EHIEEENA. BREVN=25%
Lee Byron (GraphQL WEREIEE) UKR—LERMFH Apple &itIT—ETE. BEIANIZEIWRERILXHM
MERIEREEN. HIAAXMARET ALK,

(00:47:52) Lenny Rachitsky
English:

Let me just follow through a little bit. | imagine people listening are like, "Okay, but once we have AGI or
SGl it's like it'll do all this." There's a world where like, "Why isn't all this done?" | think it's easy to just
assume all that. I'm curious this idea of creativity and listening, why you think Al isn't good at it, other
than it's just very hard to train it to do this well. Is there anything there of just why this is especially
difficult for Al and LLMs to get good at?

AR ERIE:

IHBERNER—T. RBARTESE: “@FE, E-—BEFXRNETEABALIEE (AG) HEBAISHE
(SGI), EREEMEX—TIT.” SF—MERRE: “AHAR—IERTHR? ” BEFREZ-EXMRIL. &
ReFEr X FRIENFAIRBVIEE, FRTINFERIEEEMEZIN, RINAATA A FERXE? BREFARE
RR, BEATAAMKES RIS EEXE?

(00:48:20) Karina Nguyen
English:

| think currently it's difficult for many reasons. | think it's still an active research area and it's something
that | think my team is working on. It's like, "Okay, how do we teach the models to be more creative in the
writing?" And so I'm thinking this new paradigm of wise that the models think more should actually lead
to better writing in itself. But when it comes down to idea generation or discriminating of what is a good
visual design or not, | feel like it hasn't had learned examples from people to discriminate it very well. | do



think it's because there are not that many people who are actually really... It's not accessible to models to

learn from these people | guess. So | definitely think that's why it sucks.
R EIE:

FIANBREENREERS. XMAR—MERNARIAN, BRHENEESESINSGME, . “4FE,
HATNEAHEIBERESERERECR? 7 FIUFINS, SMILRBEEEZEZHICEN, AEMNIZHREIIFH
5F. BHSRECITEN, HEWTARFHMIIRITE, RRFTELLEMALBELZRBHIFIFHK
RipsthtiToial. BTN NXZRANEEREXMENNAHRS - RERBE TR RMEIXE ARZTR
F3o UL IANXHZE BRI RIMAERRER,

(00:49:19) Lenny Rachitsky
English:

Yeah, that makes sense. Basically there's not enough of you yet, researchers teaching it to do these
things, slash people that have incredible taste and creativity that can teach these things. You could argue
this will come.

FRCERIR:

28, g, BEFLRERXFNARAEAES, TEHEMXELES, HERRBBRERKMENES. &
HEXLEZNALRRBE S, (RAIUFPHIXERESLIMH.

(00:49:31) Karina Nguyen
English:

Right.

FEiE:

o

(00:49:31) Lenny Rachitsky
English:

But we don't need to keep going down that thread. Let me ask you a specific question. In this post |
wrote, | made this argument that a lot of people disagreed with that strategy is something that Al tooling
will become increasingly great at and take over. There's the sense that that's the thing that people will
continue to be much better at and you can't offload to Al basically developing your strategy, telling you
what to do to win. My case is, "Isn't strategy, just take all the inputs, all the data you have available,
understand the world around you and come up with a plan to win?" It feels like Al and LLM would be
incredibly smart at this. What's your take?

FRCERIR:

BRMNAFTE-—BUETXMEL LFREM—TEFNENZ. EREHERXER, REHT—PMREAF
SRR Al TRAERE ‘4R SESESEREHEHRAEE, AMIEEINN, SEEEARBHSRRE
BMBHMN, RARIERIESRE. SIFRERT AT ERIESRLA Al RBERRE: "SR REIREFR
Bl FRrERIALE, BERMEENHER, ZARHIE—MRIEITLIG? 7 & A MKESREEXSERR
HEZRA, REAE?



(00:50:10) Karina Nguyen
English:

| think so too. | think again, you teach the model all sorts of tools and capabilities and reasoning and it's
like when it comes down to... For Canvas right now, it would be very cool for the model just aggregate all
the feedback from users, summarize me the top five most painful flows on user experiences. And then the
model itself is very capable of thinking of knowing how it's been made, figure out how to create a dataset
for itself to train on it. And | don't think that we are far away from that self-improvement, models

becoming self-improved by...

FhSCERIF:

BHXANA. FiAl, YIFBAERKMT A, SEHMMIER, YWHKE- LUIMEH Canvas Jffl, WNRE

R CSAPHRERR, ARSEEAPERIRBEENEIE R, BT, ABERASIEEEE
BETRIAMEEE R, HEBRIANASIBE—MUBRBERETIIG. BRIANRINTBBHERK

B, RAGEE - LI B REFTEERIT.

(00:50:54) Karina Nguyen

English:

That, and the part of development, is basically self-improving. It's kind of like its own organism or
something. Again, like strategies, it's more like data analysis and coming up with... | think what models
are really good at is connecting the dots, | think. It's like if you have user feedback from this source, but
you also have an internal dashboard with metrics and then you have other feedback or input and then it

can create a plan for you, recommendations even. And | think this is one of the most common use cases
for ChatGPT too, is coming up with these sort of things.

FRZERIE:

BE DT REA LMZBHNH, EAERE—MRIINENE,. B, EEGREHREIAHEL -3k
MERAEFERNE “EER” o WK RFERESTRAR RS, BIREE— N HEERNREMYRE,
ARMEEEMB RGN, ZEEMENFRRIETY, EEREN. HIANXBZ ChatGPT &E LAIAEH
Zz—, MEmBXEER.

(00:51:47) Lenny Rachitsky
English:

That makes sense essentially a human can only comprehend so much information at once and look at so
much data at once to synthesize takeaways. And as you said, these context windows are huge now. Here's
all the information, what's the most important thing | should do?

AR ERIE:

XREEE, AREAX—RREERERNER, —RIARBTERROBIERSGESEIE, EURFR, WE
METXEOEEER. BFIEESEAE, FE: “BRNZHBNREENFR/EMA? 7

(00:51:59) Karina Nguyen

English:



Yeah, same as scientific research. Ideally the model would be able to suggest ideas, new ideas, or iterate
on the experimental given the empirical results of the previous experiments like how do you come up
with new ideas or the methods?

AR ERIE:

WHTIE, LLMnfRIN(aiR RS 57R?

(00:52:18) Lenny Rachitsky
English:

Yeah. Oh, man. Okay, so just to close the loop on this conversation, this part of the thread is the skills
you're suggesting people focus on building and leaning into is soft skills like creativity, managing

influence, collaboration, looking for patterns. Is that generally where your mind is at?
R EIE:

. XKW 1FHY, ATERXEHNITIE, MENANEREFMNIMRNEERIREE, tLNtheEn. EF
A e FHRI. XAKFLZIRAVEAND?

(00:52:40) Karina Nguyen
English:

Yeah, I'm thinking a lot about how do we make organizations more effectively and | think this is mostly
management, | guess. It's like how do you organize research teams or generally teams combined...
Compose teams such that they will be at their maximally succeed or at the maximal performance of what
can possibly... We can literally create the next generation of computers. It's just the matter of conviction
and the way you manage through that. It's scaling organizations or scaling product research, | guess.

FRCERIR:

B, REFERENMAILIAREENER, WEXETEXFEE, WIIRMNAARMARER, NEBBMR,
SOfEIAEHARA - AARREPA, FEMTREBRAIREMMY, WELIFEHRARBIMEE - HNEATLUENET—
RitEN. XRZB—NMEREE, URMRMNFESEERLMNE, FEXMEY RARMERYT B~ mifA R
1&o

(00:53:15) Lenny Rachitsky
English:

Yeah, | think you're basically building this thing and not efficiently doing it is limiting the potential of the
human species right now.

FRCERIR:
=H, FANNMFEE LBEMERXINARA, NRMEARS, L L2EREBfALRMHES.

(00:53:16) Karina Nguyen

English:



Right.
FhERIE:
PO

(00:53:26) Lenny Rachitsky

English:

It's mismanagement within the research team in OpenAl and Anthropic and some of these other models.
R EE:

ABZ OpenAl. Anthropic M Efth—LEAR B A X FIFAN BBV B IR R,

(00:53:32) Karina Nguyen
English:

Yeah, it's kind of crazy to think about it.
R EE:

TRy, BAREHERIERY.

(00:53:33) Lenny Rachitsky
English:

Holy moly. Okay, so speaking of Anthropic and OpenAl, you've worked at both. Very few people have
worked at both companies and have seen how they operate. I'm curious just what you've noticed about
the differences between these two, how they operate, how they think, how they approach stuff. What can
you share along those lines?

FhaCERE:
KW, 4789, $EE| Anthropic 1 OpenAl, fREXFAR AT ILIEL, BRIOVBAERRLBDHFIHLIENR
BEAR. HEBFEMMBINXFEE ZENXH—elEE. NEBE. ELESES, EXHF|

fREEDFLEHA?

(00:53:48) Karina Nguyen
English:

It's more similar than different. Obviously there was a lot of... There are some differences always comes to
nuances. | would say culture. | really love Anthropic and | have a lot of friends there. And | also love
OpenAl and they still have a lot of friends though. So it's not about enemies. | feel like there's in Al, it's all
like, "Yeah, they're competitors. There's enemies." It's actually like one big community of people doing
the same thing. | would say what I've learned from Anthropic is this real care and craft towards model

behavior, model craft, model training.

RSz ERIE:



HEMZRZFREZL, BRERZ - ERBEAMEAN L. BEHEX K. FIEEZIK Anthropic,
EREBERZHER. HBENR OpenAl, REMEWERZAR. FIUXTXREHI, HIEEA T, KR2
W ‘BN, MIRRENF, B8 LiRL, XMER—NARBEMEFEEBEHNAX. HEHEM
Anthropic ZRIMEMERITA. RE T ZHEERGIGNELEXFHEC.

(00:54:32) Karina Nguyen
English:

And I've been thinking a lot about, "Okay, what makes Claude Claude and what makes ChatGPT
ChatGPT?" And it's like | still have some sense of operational processes that leads to the outputs, to the
model. It's the outputed model. And it's like the reason why Claude has so much more personality and is
more like a librarian... | don't know. | don't know. | am visualizing Claude being like a librarian at some
point, very nerdy or something. ... is because | feel like it's the reflection of the creators who are making
this model. And a lot of details around the character and the personality and whether the model should
follow up on this question or not.

AR ERIE:

B—HERE: “GFE, 2ft4ik Claude i Claude, XZEftA4it ChatGPT Ay ChatGPT? * Fi{hFARERK
REISERA ML ARERTE. XMERHAEE, il Claude AHAEEME, ER—TEBEEES
FAME, FNEF Claude WERBRMENERR, RBRFIZEM, - XERARRFERLIEX D
RENEIEENRER. XTHB. MAREZRENZERX MU, BRSET.

(00:55:19) Karina Nguyen
English:

What's the correct ethical behavior for the model in these scenarios? A lot of crafts and curated datasets.
This is where | learned that part of art, | guess, at Anthropic. | would say Anthropic is much smaller. When
| joined it was, what, like 70 people? When | left it was tons of people. And obviously the culture changed
so much. | really enjoyed being early days startup lives, and people knew each other as a family. But the
culture shifted.

FROCERIR:

EXEGRD, EENERCETARMHA? RENEOHNFBORINEIESE, F8, XHMEHE Anthropic
FEB “ZK” 83, AW Anthropic BMVGZ, HIMARAEEIRE 70 \? HBANEBEZERZAT. BA
XURETRARLN. HIFEERFHHMEIERE, ARGERA—FEHEINR. EXURETEE,

(00:55:53) Karina Nguyen
English:

| would say that | learned from Anthropic that they're much better at focusing and prioritization of... Very
hardcore prioritization, | guess. And they need to do it. But | think OpenAl's much more innovative and
much more risk-takers in terms of product or research. Actually, in way your full-time job can be just
teaching the model how to be creative writers. And it's like there's some luxury in this research freedom
that comes with scale, maybe. | don't know. I'd say | have much more creative product freedom to do
almost anything, | guess, within OpenAl, evolve ChatGPT into the vision that we want. It's more probably
bottoms-up, | guess.



FRZERIE:

AW, M Anthropic ZEIRNZE, ITEEBRKZEMNARHF - FEEBHIEBEBEZIM LT, it
MBI BFKINS OpenAl E=mBAR A EER LM, EHWTEM, Lfrt, AXRMEEL, REY
SR TETURZEREBMARALIEER. XMAZEHTEHEEMEMROEMNES, BIFE, HAA
B, FHAAULTE OpenAl BEE, REESZHEITTmBEBAEM/LFERER, K ChatGPT ELXHFEINEENE
Ro HEXAIREEZZH TMLA,

(00:56:51) Lenny Rachitsky
English:

Yeah, that's how | was thinking about it. It feels like OpenAl is more bottoms-up, distributed, people
bubble up ideas, try stuff. And that leads to more products launching, | imagine more things just kind of
being tried versus more of a, "Let's just make sure everything we do is awesome and great and craft and
thinking deeply about every investment."

FROCENIR:

TH, REEXAEH, BU OpenAl EZEH TMLRN. 2B, AMHEREERE ZHHEY. XSHT
EZTmIAT, RBSBEESRARSTE, MAZEM “ULEMNAHBRENEHE—HZHELLE. BE
0, HRANBEZEE—THRN BIXRK,

(00:57:08) Karina Nguyen
English:

Right.

FSCEiE:

o

(00:57:08) Lenny Rachitsky
English:

That's really interesting. I've never heard it described this way. Karina, we've covered so much ground.
This is going to help a lot of people with so many ways of thinking about where the future's going. Before
we get to our very exciting lightning round, I'm curious if there's anything else that you think might be

helpful to share or get into?
Fp ERIE:

XENRERR. BMRITIEAXFRER, Karina, BRI TRZAT. XRBERERREDHFELREA
HRER. AHNENFEREHANEREFTIZE, RRFFMEBESREETEEFARMEST D ZHRITHIA

=?

=

(00:57:23) Karina Nguyen
English:

One of my regrets, | guess, when | was early days at Anthropic was that... | think there was some luxury of
the time, because pre-ChatGPT, to actually come in with a bunch of ideas and prototype almost every



day. And | think that we did a lot of cool ideas like Claude, and Slack was actually one of the first tool-usey
products. It's like Claude could operate in your workplace now. It's kind of cool because you can add
Claude to summarize the thread. So maybe you have an entire conversation with someone and then you
want a summary of what happened you can ask Claude, "Summarize this."

FRCERIR:

A8, ITE Anthropic RERRI—DIRIRZE - FHIAAN HINE—ETERIERE, AJTE ChatGPT Iz al, B/
AR HE HWREAEMEREE, FIANFKIN T RSEIZAVIE, b0 Claude, T Slack SEfx LR EHAS
TERBMMNMFmZ—. 7K Claude LRI LAEIRIV TIRIZFMIETT. XHEEERY, ENIREILUAM Claude RELE
B2, LEAMRMIEARITT —BEWE, ARMEE—NEE, RALUE Claude: “BE— T4

(00:58:07) Karina Nguyen
English:

Also, it was really fun to iterate on the model itself. It's like when you just talk to the model in Slack
forever. It created some social element, it was kind like [inaudible 00:58:19] and this Discord, people
learned so much about prompting and how to work with Claude. Actually, one of the features that was
early tasks prototype is every Monday Claude would just summarize the entire channel. Or every Friday
we'd just summarize a bunch of channels and give the news about the organization, or something.

AR ERIE:

b5, FERAAG EHITERBERER, BMEIRTE Slack E—BEMIRENIX, ELIET —EHRTR, ALK
Discord, AMMIFETRZXFRTIAUKLINMS Claude S1ERIFIIR, Eint, FHESRAEN—IIIEEE:
BE— Claude ZEEENMIE, WEBFARASEHINE, FHEEXTARHEZEN.

(00:58:48) Karina Nguyen
English:

And it's kind of like really cool form factor. | think thinking about form factor's a really important question
in Al, especially we haven't even figured out how do we create an awesome product experience with o-
series models. It's like the paradigm between synchronous real time give an answer paradigm into more
asynchronous paradigm of agents working on the background. But then now the question is the agents
should build trust with you, right? And trust builds over time, which is like with humans. And you start
this collaboration which is why this collaboration model with you and the model is so important because
you build trust and the model learns from your preferences so that it can become more personalized and
it will start predicting the next action that you want to take on the computer or something. And it's more

predictive, much more... We went from personal computers to personal model basically here.
FRERIE:

XE—MIFEENRATL. FINABERATAZ Al F— M EEEEENEH, FHIERINEELLEFEE
AR o RIIREBEH B~ MIEK. XMEEMN B ERGHER" B EETN “BikEReE
77 NEZRIEN. ENENNER, SRENZSHRRIEE, WE? SERMRENERIN, MEAS
AZiB =1, (RFFIEXFINE, XMBATAMSERZEMMERRMLERE, RARELTEE, EEM
MRAmFPFS), MMTBREMNENL, ESFRFUNIREEBR ERNB T - eEfEz£p, EEATMN
t, B FNER ERMA D ABREAER T DN AREE R,

(00:59:54) Lenny Rachitsky



English:

Why is it not a thing? That seems like such an obvious feature that every LLM should have as a Slack bot
version of them. Is that a thing | can help you install? Or is that not a thing right now?

AR ERIE:

Nt AT EEI? XEERZ—NIFEEMS RWBIHEE, B PMKRESEREENIZE — Slack 28 ARZ.
BEIMERAIUBRLZENARAL? ERRIMEEXEIE?

(01:00:03) Karina Nguyen
English:

| know that Claude and Slack was sunset in 2023 or something. | think it was after ChatGPT was mostly
the focus on customer use cases or enterprise use cases.

FROCENIR:

FHAE Claude 7£ Slack ERYIHAETE 2023 FERFERAT . HERE ChatGPT 2/, ERFERATEFAM
EUATAZE LTS

(01:00:17) Lenny Rachitsky
English:

Mm-hmm. Bummer.

FRCERIR:

\EE’I‘EY,
DIEU El@. o

(01:00:19) Karina Nguyen
English:

I think the form factor of Claude and Slack was kind of constrained a little bit when you want to talk about
new features.

FRSCERIF:
HBINAYIRE IS INEERT, Claude 7£ Slack FHIRMERE SR,

(01:00:28) Lenny Rachitsky
English:

Bummer. | want that.

R EiE:

B, HAEERBTINEE,

(01:00:30) Karina Nguyen

English:



| know that ChatGPT had Slackbar tools. | don't know, maybe it will come back sometime.
FRERIE:
HFE ChatGPT A3 Slack i2TH, HAFE, HiFUEXER,

(01:00:35) Lenny Rachitsky
English:

All right, | would pay for that. Any other memories from that time of early days? Because that's a really
special place to have been is early days Anthropic. Any other memories or stories from that time that
might be interesting to share?

FROCERIR:

B, HEEAULMAER. X TR, TEFAEMEIZEZ? FANFEIR Anthropic BSLR—1IFE
Hnlevth s, BBNEEIEE FABENEIZHHERATUD ZEE?

(01:00:48) Karina Nguyen
English:

| think the very first launch when we felt... When click from use, again, was 100K context launch is when
the models could input the entire book and give you a summary of the book or something. Or the
financial... or catalog multi files financial reports and then give you an answer to the question, to very
specific questions. | think there was something in there that was kind like, "Oh my god, this is a really cool
new capability." Not model capability, but more like the capabilities that came from the product form
factor itself rather than the model capability as much.

AR ERIE:

BIANANERILENBRERT - BRFEHRBNEARE 10 HF ETFXHNAS, HEERFT LIS ANERBH RiEMH
BE, HERMS - HERESIXHNMSZRE, ARRFFEEFNRE, FTIANNBEEBIRLERAL
AR K, XER— T IEERENFEN.” XTTe2RENES], EZERETmRALNEST B4
71, MAMUZIRELRES

(01:01:34) Karina Nguyen
English:

| think other prototypes that we were thinking about... There's one part having a Claude workspaces and
it's kind of the same idea of Claude and | would have this shared workspace and that share workspace is
like a document and we can iterate on the document. And | feel like sometimes the ideas, [inaudible
01:01:55] and they're locked for two years, just like in this case.

FRCERIR:

AL EENEMERTE- - B—1E Claude TEX (workspaces), XE =& Claude MIFHEBAE—1
ETHEX, BMHEETERMRE—IXXE, FNTATUXNXEHFTIENR. KEFENXERESHEBIERE, M
BRIEXMIE R,

(01:02:00) Lenny Rachitsky



English:

It's interesting, there's these milestones that kind of open up our view of what is happening and where
things are going. ChatGPT think was the first of just like, "Wow, this is much better than | would've
thought." You talked about 100K context windows where you could upload a book and ask it questions
and have it summarize. | actually use that all the time. When | have interview guests and they wrote a
book, | sometimes don't have time to read the whole book. So | use it to help me understand what the
most interesting parts are. And then | actually dive into the book, just to be clear. And then, | don't know,
maybe voice was another one where you could talk to say ChatGPT. Is there any other moments there
that you're like, "Wow, this is much better than | thought it was going to be?"

FR3ZERIE:

RERR, XEBEREEARTHIMIRNAKREDHNMNE. ChatGPT MiZEE—MEAKE “IE, XbFHE
KWIFES” MAEA. MEHT 10 FETXED, JUEE—RBHIRE. B4, REFLE—BHEEAXMY
BB, UHREARXRBDRRS TH, BEMNENEIRSELS, FIUKACRERERREENTD. FE—T, A&
EHRIZRREFMAH. RE, HAME, HiFEER3—1, RAILUM ChatGPT #iE. EE&EHMZIL
T I, XHHFERNBFEZ? 7

(01:02:39) Karina Nguyen

English:

Yeah, | think the computer use agents, like the model operating the desktop. And you can essentially
think of new kind of experience where the model can learn the way you browse. And from that preference
it can just browse as just like you. It's kind of simulated persona. And it's actually very similar to the idea
of like, "Okay, maybe Sam Altman doesn't have a lot of time. Maybe | want to talk to his simulation and
ask..." Or, for example, | really appreciate some of the technical mentorship. Yeah, cool. But he doesn't

have a lot of time so it's like | really want to ask him this questions. How do you respond with simulated

environments like this would be really cool.
R EIE:

28, HIANZE UBHERELERE” (computer use agents), HEINRERERE, TEA LAIUER—F2
FEALS, WARPLIFE SRS A . RIBXMRELT, ERMUGIME—ENR, XBREBEEMARE, XK
PRt S5XFA85dEE MM “0FIE, tiF Sam Altman ;8B R Z 08, WiIFHREMMARNARIZRIFR
@ E, G, RIEFRE—LERAES. B0, REG. BME&BRSEE, PRUKRENRRR XL
A, TEXFEREINIFERINEIEIRN, BPsIFEEE.

(01:03:37) Lenny Rachitsky
English:

That's a great place to plug Lennybot, have one of those. It's trained on all of my podcasts and
newsletters.

FRCERIR:
XIEEEL Lennybot B4FIIH, BB —1. ERETHRAENBEMHEETNINIER.

(01:03:42) Karina Nguyen

English:



Oh, cool.

AR ERIE:

MR, B

(01:03:43) Lenny Rachitsky
English:

It sits on many models. | don't know which exactly they use, but it's exactly that. And it's not even me, it's
all the guests that have been on the podcast and on newsletter as | wrote. And you could just ask it, "How
do I grow my product? How do | develop a strategy?" And it's actually shockingly good.

FROCERIR:

EBTESMERZ b, HANEBEMNAGBHNEN—1, BEERMRN. cEEFRREHK, EEETHEE
M REMREIRFERN. MAUERRE: “FINMEKIHR~m? FRNAHEHRRE? 7 ©RFRLIEF

BLAER,

(01:03:58) Karina Nguyen
English:

Do you feel like it reflects who you are?
R EE:

RIS ERRT REIEG?

(01:03:58) Lenny Rachitsky
English:

Yeah.

R ERE:

=0,

(01:03:58) Karina Nguyen
English:

Or would it be... Okay.

FRCERIE:

HEES Y

(01:04:01) Lenny Rachitsky
English:

The best part of it is you can talk to it. There's an ElevenLabs voice version that's trained on my voice from
this podcast, and it's actually very good and people have told me they sit there for hours talking to it.



FRZERIE:

EIFERE D BRI UM ERIE. H—1 ElevenLabs BUEShZA, ERAAXMEZNEFTIIGH, BRIEBL,
BASRRMILEIRENCE 7571,

(01:04:15) Karina Nguyen
English:
Wow.

FROCERIR:

|+
I:l:I: o

(01:04:15) Lenny Rachitsky
English:

And somebody told it, "Interview me like | am on Lenny's podcast, ask me questions about my career."
And he did a half hour podcast episode with Lennybot.

AR ERIE:

EEANSIFE: “B&7E Lenny IR E—1FRp3, RIBXTFERUAEERNRE.” AGMMA Lennybot 7 —#A
FNEIRIEE T E,

(01:04:24) Karina Nguyen
English:

Oh my god, that's so fun.

R EE:

KB, BBREET

(01:04:27) Lenny Rachitsky
English:

It's incredible. Future is wild.
FRCERIE:

AR REXRIET o

(01:04:29) Karina Nguyen

English:

Yeah. | think content transformation is... | would imagine sometime when you generate a sci-fi story in
Canvas, you can transform this into audiobook where you have very natural content transformation of

one media to another media. | think one of my earliest inspiration is one of the last episodes of Westworld
where, | don't want to spoil, but where Dolores comes to her work at that time and she comes to this new



workspace and she starts writing a story. And then as she writes a story, a 3D, virtual reality, starts
creating on the fly. So | kind want to create that. Kind cool.

AR ERIE:

B, HINARBTHRZ - RIUER, EXHIRE Canvas PEM— MRS, RALUSHERABER
B, KUM—MREEE S —MEFRNIEEBEANRNB R, REENRBZ—RE (BER) NRENLE (K
FAREIZE) , Dolores HEFA LM, MREIX MBI LIE=RIHAIBTHRE, SR EN, —1 3D EPAIE
FAIEENES B, FH R AGISARFRIRAE, HEELRY.

(01:05:24) Lenny Rachitsky
English:

Wow. Speaking of medium, | guess | was wondering if | should go in this direct or not, but real quick.

Kevin Weill/Kevin Weill, | don't know exactly how to pronounce his last name, the CPO of OpenAl.
FRERIE:

I, WEEE, REBRSMZEXNARY, BRHIE—T. Kevin Weill, ERMEMYE KHNHTILE,
OpenAl NEFEF@E (CPO).

(01:05:35) Karina Nguyen
English:

Kevin Weill, uh-huh.

FASZEIE:

Kevin Weill, 1@,

(01:05:37) Lenny Rachitsky
English:

Is it Weill or Weill?

R EIE:

& Weill i£2 Weill?

(01:05:37) Karina Nguyen
English:

I think Weill.

FRSZERIR:

HE=Z Weillo

(01:05:39) Lenny Rachitsky

English:



Weill. Okay. Okay. Let's just say that. We'll go with that.
FRERIE:
Weillo 389, FATRIX AR g,

(01:05:40) Karina Nguyen
English:

| hope, yeah.

R EE:

HEEXNH, 2%

(01:05:43) Lenny Rachitsky
English:

He did a panel at the Lenny and Friends Summit last year and he made this really fascinating point that
chat is a really interesting interface for these tools because they're just getting smarter and smarter and
smarter and smarter and smarter. And chat continues to work as a paradigm to just interact with them,
similar to a human. You could talk to Albert Einstein. You could talk to someone not very smart and it's all
conversation still. And so it's a really flexible way to interact with increasingly good intelligence. At some
point it'll not be so great, and you were talking about all these ways that you're adding additional ways to
interact. But it's interesting chat proved to be a really powerful layer on top of all this stuff.

FROCENIR:

T AR Lenny and Friends IE& ESMT —MNNATIE, fIRE T — PN EEERANUR: HXEXLETR
HN—MIEFEEBNAE, ENENZGFUREIERE, MPXEN—HSENRERSER, XUTFEARR, #
LR W RAILIMR/REY - ZEMERRK, BAIUMAKIBREIIAIL, XGKREBEXIE. Eib, X2
S5HmIBRMNERHETRENIFE RENAN. AREMRERRERIBAY, MIRNIZAKET RIEFEEMIE
tRXEAR. EEBNE, WRKIIARBEEMEXERAZ LN— M EEBRANE,

(01:06:22) Karina Nguyen
English:

Yeah, that's real cool. | feel like chat also has social element which is very humane. It's like, yeah, you
sometimes want to get into group chat. And having conversations with Al is kind like a group chat in itself,
as messaging. Actually, this idea of how do you build features like this? | see tasks as this general feature
that will scale very nicely as the models would develop new capabilities themselves. The models will be
able to do better searches and create new... come up with more creative writing on render, react apps and
like HTML apps. And you can have everyday new puzzle for you, every day continue the story from the
previous days. It scales very nicely.

FROCENIR:

2H, BENRE. HEFPRBEULRTR, XIFFEAML. #R, 228, MERBMAED. 5 Al MiEE
SR —MEN, —MAER, KL, XTNAEEXENINEE? FIANNESER—ERIIEE, [
BRI AR LIEEN, ERY RIFIFEY. RERKERBHAITEFIIER, HEUSH - EER. React



M HTML B LIRHEAIENE R, RAIUSXEE—THNRE, SRESR—RINE. S &S
FE

(01:07:14) Lenny Rachitsky
English:

You mentioned something as we were getting into this extra section that we ended up going down is this
idea of the agents using a computer. | know this is actually something you are going to launch today, the
day we're recording it, which will be out by the time this comes out, called Operator, can you talk about

this very cool feature that people will have access to?
FRERIE:

ERNTHANZDGIMNERRS, FRE T EREMERTENNRZE, HMEXERFLEREFMNSEK (RIMNRENX
—X) BERGNAA, AXPTERENEEEAH T, Mg Operator (B1E5R). REEKIKX M ANTEEE
FARYIFEBRRITNRENS?

(01:07:33) Karina Nguyen
English:

Yeah, so | unfortunately did not work on that, but I'm really, really excited about this launch. It's basically
an agent that can complete the task in its own virtual computer, in its own virtual environment. You can
do any literally task like order me a book on Amazon. And then ideally the model will either follow up
with you which book do you want, or know you so well that it start recommending, "Oh, here is the five
books that | might recommend you to buy." And then you hit, "Yeah, help me buy." And then the model
goes off into its own virtual little browser and complete the task and buy the book on the Amazon. And
then if you give the model credentials, credit cards, obviously it comes with a lot of trust and safety, then

it will just complete the thing for you. It's a virtual assistant.
FREiE:

20, BRNIFLESSHINNE, ERMNXXEHIFEFEHT, eBELER—1EkE, AUEEES
HEMITEN. EBCHEMHFRRTMES. (RILFAIUGEEMES, bl “BHRELIH EIT—F
F . BEERT, REBAZERFEENES, BEARNECIEETHEIMR, FREE: B, XEWENUR
MENEES.” AEMFRLRE B0, BHX . FEREMIANCECHEMNNIGESE, TRESHELD
B EER, MRMFAEBERE. EAF EAXSRRSEENL2EA), EMINFTRXGE. ER—
EPABIF,

(01:08:37) Lenny Rachitsky
English:

It's interesting how this just sounds like obviously this should happen. Why is this not yet a thing? Which
is also mind-blowing that we're just assuming this should exist. Just some Al doing things for you on a
computer we just ask it to do.

FROCENIR:

RERER, XITERMERIEFAHANZEEN. ATAMERLEIE? BFSABRIRNE, HIEAEMR
HAMINARX N ZFE. ML Al EER EIRBRINERE RIS,



(01:08:37) Karina Nguyen
English:

Yeah.

R ERE:

=0

(01:08:50) Lenny Rachitsky
English:

It's absurd.

HRCERIE:

EXARAIRNT o

(01:08:51) Karina Nguyen
English:

It's actually really hard. And I think you're still cracking this, but feel like... | don't know if you use Tuple
like a pair programming product.

FRCERIR:
XEFR EIFEM FRINAARDNER X DER, B HAREMEBS AT Tuple XEREXRIZ

=]
ARo

(01:09:03) Lenny Rachitsky
English:

No.

FRCEIE:

&Ho

(01:09:04) Karina Nguyen

English:

But at Anthropic we loved pair programming, so if you used-
R EE:

{B7% Anthropic ZATAFE EREXNRIZ, FRANRIRAE —

(01:09:09) Lenny Rachitsky
English:

Oh yeah, Shopify uses this. | remember it came up on a podcast episode.



FRZERIE:

MR, 289, Shopify FAXT, KICKERPEZEREII.

(01:09:10) Karina Nguyen
English:

Oh, nice. Yeah, so it is a very cool product where you can just call anyone at any time and then share
screen and the other person can have access to the screen or start literally operating your computer. And
it's very realtime... The allegiance is very... it's very high quality. And it's just like | kind want the same. |
want to pair program with my model and the model should even talk to me. Draw very specific section in
my code and just go to tell me... Obviously teach me and we can have different modes. It's like right, this
is a product right here for you. | don't know. Some people should build that.

RS ERIE:

|, XF7T. =, XB—NMIFEEN~m, REUBNIFUERA, AESERS, NAAULRNESRA
INEEBEMNER. ERFBENE - EEREFES. WRERFNFRA, JREMHHERENRE,
REBEEWZMEGRIE. EROABFELIFERFOKEHEFK - BEARHEE, RNTUEFRANIE
Ho BEE, &, XMBNMEENTR. HFNE, MZBEAEZHEZ D,

(01:09:58) Lenny Rachitsky
English:

It sounds like a startup just got birthed-
FRCERIE:

IrEER—RA I ABRNRET —

(01:09:59) Karina Nguyen
English:

Yes.

(01:10:00) Lenny Rachitsky
English:

... from someone listening to this. You mentioned that it's very hard to do this agent controlling a
computer as you and helping out. What makes it so hard for whatever, however much you can explain
briefly?

FRERIE:

------ KREENERRXHTENA. REZILE A GIR—FITH BRHRUEEEIFERMER, (REERIEMR
B—T, BREMAILXFRMILEMED?



(01:10:11) Karina Nguyen
English:

Much of it is because right now the model's operating on pixels instead of language or whatnot. Pixels is
actually really, really hard. The models [inaudible 01:10:25] perception, or visual perception. | think
there's still a lot of multimodal research that's going on, but | think language scaled so much easier
compared to multimodal because of that.

FRZERIE:

RAREELRRNBIEEEEGRER (pixels) HigfF, MARESZEN. GRIFFLMFLIFEIFEEE, RE
R TR S EERE. FIAANEMNERSSESHREHT, ERINNERML, ESLESREE
BT R

(01:10:38) Karina Nguyen
English:

Another thing that | guess my team is working that is how do you derive human intent very correctly? It's
like sometimes does the model know enough information to ask a follow-up question or to complete the
task? You don't want an agent to go off for 10 minutes and then come back with an answer that you didn't
even want. That actually creates much more worse user experience. And this comes with teaching the
model people skills. It's like, "What do people like? Kind like creating the mental model of the user and
care about the user in order to ask certain questions. Actually, that part is hard to do for the models.

FRCERIR:

F—HE, FERPEANEEARYN, BNFEEERMESALERER? thil, ANEREREEET BBHIE
BRIRHIBIRHTRES? MARE—NEERMEK 10 2%, AEHE—MRRAFTEENER, BEMFELS
SR ERBERN AR AR, XPRIBAEEMIIREE. il “AMNERHA? 7" BAREEIAFNOEER
HEROBAP, UERHFEERH, KFrL, XERoMREKIRRAEME

(01:11:28) Lenny Rachitsky
English:

That relates to what we talked about earlier where this kind of the soft skill, people skills piece is not
where these models are strong yet.

FROCENIR:
XE5HANZAREIBAEITR, BIERkAE. #RREEXERD B R A X LR B AIIR I,

(01:11:34) Karina Nguyen
English:

Yeah.

FRZERIE:

=i



(01:11:35) Lenny Rachitsky
English:

Okay. I'm going to skip the lightning round. | want to ask just one question from the lightning round,
something fun.

FROCERIR:
FHY. FITEBSABRIEFRT, ZRBRAEREFHN—NE-E, Fhs.

(01:11:41) Karina Nguyen
English:

Yeah.

FRZERIE:

08

(01:11:44) Lenny Rachitsky
English:

Okay, so when Al replaces your job, Karina, I'm curious what you're... And it gives you a stipend, gives you
a monthly stipend. Here's your salary for the month. What would you want to do? What do you want to
spend your time on? What will you be doing in this future world?

FROCENIR:

Y89, Karina, 3 AIBRRTIROIIE, RREFME - MBEESKIRAEN, SAKEM,. XZMX AR
o R A? (RABIEIEREFALE? EXPARKOHRBRIMAA?

(01:11:57) Karina Nguyen
English:

I've been thinking about this a lot times. | feel like | have a lot of jobs options. | would love to be a writer, |
think. I think that would be super cool. You should write short stories, sci-fi stories, novels. | really like art
history, so you know those conservationists in the museums who just try to preserve art paintings, but
just painting through a long day?

FROCENIR:

BREABRREXNEE, RAGHERZSRUERE, HERIREBE—2FHK. HIANBEBERE. 5rER/)
W BOEE. KRN, RBIFEEERZEARSE, RAEFEYEEBLERERIPZEREFRIXYMEENG? 5t
REXEEEEEERARM?

(01:12:28) Lenny Rachitsky
English:
Mm-hmm.

FRCERIR:



(01:12:29) Karina Nguyen

English:

I think that would be really cool to do. Yeah.
R EE:

BRUEFEBN=EBE. 20

(01:12:36) Lenny Rachitsky
English:

That sounds beautiful.

HRCERIE:

e RIRELT

(01:12:36) Karina Nguyen
English:

I don't know.

FpERIE:

EZACR S IPER

(01:12:39) Lenny Rachitsky
English:

What I'm hearing is you need to Nerf these models to not get very good at writing so that you can
continue... Although at that point you don't need to do it from... You don't need people to buy it, you're
just doing it for fun, so it doesn't even matter if they're incredibly good at writing or art conservation. Oh
man, what an episode of our conversation. What a wild time we're living in. Karina, thank you so much for
being here. Two final questions. Where can folks find you online if they want to reach out and follow up
on anything? And how can listeners be useful to you?

FRCERIR:
HIFHRNE, MREBHISE (Nerf) XERR, E(IESELEFKHE, XIF(RELAEHRS: - REZIHREY

MAFBBEATEHME, FREINAE, (RRRANTHRMS, FEL,(EM@bfl]f"?f’ﬁlﬁz?ﬂ%?ﬁ'ﬁﬁ’f&ﬁﬂjé
WEFMB. XM, XER—REFEHNIE, FIEFE—TZSARENEN, Karina, JFERSIRER. &
AN MMRASKBEXRRYIRIERENS, PTUATEMERENR? RR(GEAIRR T AER?

(01:13:06) Karina Nguyen
English:



You can find me, I'm on Twitter it's KarinaNguyen. You can also shoot me an email on my website. And my
team is hiring and so I'm looking for research engineers, research scientists, as well as machine learning
engineers, people who come from product engineers who want to learn model training. I'm actually
hiring for my team. My team is called Frontier Product Research, and we train models, we develop new
methods but for product oriented outcomes.

FROCERIR:

RA]LATE Twitter E3XFIF, WSR2 KarinaNguyen, {R2a] OB AT uLLA T & B4, FKAVEIPAIETEIRES,
KEESHMARIEIN. ARBERURNBEITRET, EEIPLRFESIERIIEN~RIEM, FLRLE
EEAFKBEABA. FBEAY “Gia~mAR” (Frontier Product Research) , FATIIGIEE., FAHA
%, BEfREERmIER,

(01:13:38) Lenny Rachitsky

English:

What a place to work. Holy moly. What's the best way for people to apply for these very lucrative roles?
R EE:

BEEZ—N IRV, XM, ABRIBEXLESHIMUNRESREMTA?

(01:13:46) Karina Nguyen

English:

| think you can shoot me a DM on Twitter.
HRCEIE:

FARIRE] LUE AT Twitter E45F&ATAE (DM),

(01:13:49) Lenny Rachitsky
English:

Okay.

R ERE:

§¥89

(01:13:51) Karina Nguyen

English:

Or I'm yet to create a job description for them.
R EE:

HEHEAXLERUSFIRAER (JD)o

(01:13:51) Lenny Rachitsky



English:
Okay. This is the job description.
FRERIE:

99, XEFHEMBIRMUIEAR T o

(01:13:58) Karina Nguyen

English:

Or you can apply into post training team. Yeah.

R EiE:

HERAILARIEMANGEIIZ (post training) EPfA. E#Y%

(01:13:58) Lenny Rachitsky
English:

Okay. You're going to get a flood of DMs. | hope you're prepared. Karina, thank you so much for being
here. This was incredible.

FROCERIR:
T, FRWEIBENTME. HEIRMBET T ES. Karina, JFEREHREER. RBERET

(01:14:03) Karina Nguyen
English:

Thank you so much, Lenny.

R EiE:

FERRSE, Lennyo

(01:14:05) Lenny Rachitsky
English:

Bye, everyone.

FRSZEIF:

AKRB Lo

(01:14:05) Karina Nguyen
English:
It was fun.

AR ERIE:



RE®E,

(01:14:09) Lenny Rachitsky
English:

Thank you so much for listening. If you found this valuable, you can subscribe to the show on Apple
Podcasts, Spotify, or your favorite podcast app. Also, please consider giving us a rating or leaving a review
as that really helps other listeners find the podcast. You can find all past episodes or learn more about the
show at LennysPodcasts.com. See you in the next episode.

FRZERIE:

BRI EUIT, WREEFXETEENE, 7JLUE Apple Podcasts. Spotify & EIRAIER N AT
ATH, i, BEREBINTOHBETITIL, XERAKMENHMIARLD XN EET. BAIUE
LennysPodcasts.com ¥ ZIFIEFHATNER TRESZXTATENES. THHEMR.



